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Abstract

Unethical behavior is a widespread phenomenon, with high financial costs to organizations and
society at large. Acts such as shoplifting, using company resources for personal use, tax
evasion, and insurance fraud are some examples of acts that ordinary people commit regularly
and that, eventually, result in significant economic impact. Research on unethical behavior has
focused mainly on the antecedents of such acts and how they can be mitigated. However,
research has typically overlooked the possible impact of unethical behavior on subsequent
judgments of the target of the transgression. For example, if self-employed underreport their
income for taxes, would it influence their judgment of tax-related authorities? If asked, would
they provide a more positive or negative evaluation of the government? Current theories
suggest conflicting predictions for such questions. On the one hand, people have been shown
to experience high degrees of guilt following unethical acts, which could lead to reparative
actions and prosocial behavior, suggesting that perpetrators of unethical behavior would judge
the target of their transgression more favorably. On the other hand, when people find it difficult
to deny or dismiss their wrongdoing, they may distance themselves from the act by criticizing
others to restore their moral self-image. This suggests that perpetrators of unethical behavior

might judge the target of their transgression more negatively.

In this research, | contrast these opposing predictions to better understand the important
downstream consequence of dishonesty—namely, people’s judgment and reviews of those they
have cheated. Also, | explore whether and how subsequent judgment is affected by the ability
to justify unethical behavior. Lastly, | also examine the impact of unethical behavior on written
review's nature and sentiments and the possible influence they have on other people's behaviors
and willingness to engage with the victim. The phenomenon was examined in different settings,
with both real-life cases and online performance. Findings suggest that when people behave
unethically, they judge the victim more harshly, presumably to distance themselves, and thus
justify their transgression. The results were consistent so that employees judged their
employers less favorably after recalling unethical behaviors in the workplace, and self-
employed judged tax-related government authorities more negatively after recalling their false
tax reports. Similarly, in marketing settings, participants who tested a new app judged it more
negatively the more they cheated. Also, demonstrating an important boundary condition, 1
found that unethical behavior does not influence judgments when cheating was blatantly

obvious and hard to justify. This finding supports a distancing-based process as the underlying
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mechanism driving the effect. Finally, | found that when people behave unethically, they tend
to use more negative sentiments in their written reviews and reduce readers' willingness to
engage with the target of the transgression. However, reviews generated by participants who
were given the opportunity to cheat, but curbed their dishonesty despite the temptation,
increased readers' willingness to use the product compared to reviews generated by participants

who could not cheat.

The research has a significant theoretical contribution since it highlights an unexplored
aspect of unethical behavior. The research considers the impact unethical behavior has on
subsequent judgments and evaluations rather than focus on antecedents and ways to mitigate
it. That is, the research considers unethical behavior as the cause rather than the effect.
Additionally, the research contributes to the growing field of word of mouth by revealing a
novel factor that can systematically sway ratings and written reviews. Since unethical behavior
is prevalent, many online reviews likely originate from unethical behavior. Findings suggest
that these reviews may be biased due to the tendency of people who behave immorally to

harshly judge the victim of their transgression.

In addition, the research has important implications for organizations, policymakers,
and marketers because of the lingering negative effects unethical behavior has. Since
organizations are subject to public opinion, negative judgments of unethical people may
influence their image in the public's eyes, affect business results, and consequently their ability
to recruit good employees, provide quality services, or keep the stakeholders' interests.
Findings also emphasize the importance of policies that aim to deter people from behaving
unethically, since firms that use lenient policies may expose themselves to more negative
online reviews. Lastly, the research suggests implications concerning consumer protection and
fair-trade policies. Since unethical behavior has significant consequences in terms of word of
mouth, people should be informed about possible biases that may influence their decision-
making while considering a product or interacting with organizations. Lastly, policymakers
should also consider policies that aim to protect organizations' interests due to the negative

consequences of unethical behaviors.
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Introduction

"People hasten to judge in order not to be judged themselves. What do you expect? The idea

that comes most naturally to man, as if from his very nature, is the idea of his innocence."

- Albert Camus, The Fall

Overview

Unethical behavior is a common, everyday phenomenon. Shoplifting, tax evasion, and over-
claiming insurance are just some examples of acts that ordinary people commit regularly (e.g.,
Ayal & Gino, 2011). Although many ethical violations are minor, enabling people to self-
justify them (Shalvi, Eldar, & Bereby-Meyer, 2012), their economic impact is significant,
accounting for billions of dollars annually. For example, recent data suggest that employees'
unethical behavior is estimated at 5% of firm revenues and translates into $4.5 trillion at the
global level (ACFE, 2020); Tax non-compliance is estimated at $406 billion in lost funding
annually in the United States (IRS, 2016). In addition, insurance fraud accounts for 10% of all
claim payments, or $32 billion annually (Insurance Information Institute, 2016), and illegal
software downloads totaled $46.3 billion globally in 2018 alone (Business Software Alliance,
2018). Notably, unethical behavior in organizations and the marketplace result in a 10 to 15
percent increase in the price of consumer goods, costing American families billions of dollars
a year (Feldman, van Rooij, & Rorie, 2019). Dishonesty also threatens a company's reputation

and its ability to offer quality services (Singh & Twalo, 2015).

Given the significant costs of unethical behavior to society, research has mostly focused
on the scope and causes of unethical behavior (Ayal, Hochman, & Ariely, 2016; Gerlach,
Teodorescu, & Hertwig, 2019). Traditional economic theories have emphasized the external
cost-benefit analysis people presumably make (Becker, 1968), while traditional psychological
approaches focused on people's ethical judgment and attitudes as driving misconducts (Hunt &
Vitell, 2006; Muncy & Vitell, 1992). In recent years, the focus has shifted to behavioral
decision theories and approaches that aim to explain the underlying causes of unethical
behavior, specifically through identifying the mechanisms that allow people to engage in
unethical behavior without threatening their moral self-image (Mazar, Amir, & Ariely, 2008;
Schurr, Ritov, Kareev, & Avrahami, 2012; Shalvi, Gino, Barkan, & Ayal, 2015).



Despite the breadth of research on what drives unethical behavior, much less research
has examined how unethical acts affect actors’ subsequent behaviors and judgment. The limited
work which has been done has examined the effects of unethical behavior on post-cheating
emotional reactions (e.g., Ruedy, Moore, Gino, & Schweitzer, 2013), guilt and guilt-relief
(Cohen, Wolf, Panter, & Insko, 2011; Ruedy et al. 2013; Xu, Bégue, & Bushman, 2012),
subsequent prosocial behavior (Gneezy, Imas, & Madarasz, 2012), and how money that is
obtained illegally is spent (Levav & McGraw, 2009). Critically, however, these studies all
focus on the effects of unethical behavior on people’s subsequent behavior outside the context
of their transgression and do not consider how it can impact people's behavior and judgment

toward those they have wronged.

Unethical acts, such as cheating on tax reports, or shoplifting (e.g., by purposefully not
scanning an item in a self-checkout cashier), lead to significant financial losses but may also
result in additional unexplored behavioral consequences that could affect the victim. For
example, consider a shopper who uses a self-checkout cashier at the supermarket and shoplifts
by purposefully not scanning an item. Will this unethical act influence the shopper’s judgment
of the supermarket? When asked to evaluate the supermarket, will having “cheated” impact the
shopper’s evaluations? Existing theories have not considered these implications and actually
provide conflicting predictions of unethical behavior's subsequent judgment. On the one hand,
unethical acts may cause guilt that triggers reparative actions and prosocial behavior (Gneezy
et al., 2012; Xu et al., 2012), suggesting that the shoplifter would judge and review the
supermarket more favorably to reduce feelings of guilt. On the other hand, research shows that
people often distance themselves from their own misconduct, preferring to criticize others so
they can view themselves as "ultra-moral” (Barkan, Ayal, Gino, & Ariely, 2012; Shalvi et al.,
2015). This account suggests that the aforementioned shoplifter would judge and review the

supermarket more negatively to distance themselves from the object of the misconduct.

Obviously, these different predictions cannot hold simultaneously, and the current
research aims to solve this apparent theoretical contradiction by examining how cheaters judge
those they have cheated. However, before addressing any possible behavioral consequences, it
is critical to review the antecedents of unethical behavior in order to highlight the financial
benefits and psychological costs cheaters face, which can eventually impact their subsequent

behavior.
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Antecedents of Unethical Behavior

The basic theoretical model used in nearly all research on unethical behavior begins with the
economics-of-crime model of Becker (1968), which emphasized the external cost-benefit
analysis people presumably make. The traditional economic approach to ethical violations
assumes that people first evaluate the expected benefits (rewards or gains) and costs (potential
punishment, informal sanctions, combined with the probability of detection) of the unethical
act and then determine their course of action. Moreover, the rational agent is assumed to
compare the expected costs and benefits of unethical activity with those of legitimate activities
and rationally allocate time and resources to one of the alternatives. However, empirical studies
found that predictions of the rational choice theory are sometimes unsupported (Van Winden
& Ash, 2012) and emphasized the need to focus on people's ethical judgment in determining
beliefs, attitudes, and actual misconducts (Hunt & Vitell, 2006; Muncy & Vitell, 1992).

According to theories in the consumer ethics field, ethical judgment is determined by
two stages of moral evaluations of the possible behaviors. In the first stage of the evaluation,
the person weights behavior according to applied norms or personal values, whereas in the
second stage of the evaluation, the person weights the consequences of each behavior (Hunt &
Vitell, 2006). However, as consistently found in different domains, there is often a gap between
people’s attitudes and their actual behavior (De Pelsmacker, Driesen, & Rayp, 2005; Sheeran,
2002; Sniehotta, Scholz, & Schwarzer, 2005). That is, upon examining the consequences and
norms relative to a particular behavior, a person might perceive it to be the most ethical but

still adopt a different alternative.

To address this gap, new theories have emerged in recent years, with more attention
paid to behavioral aspects of unethical behavior and the justifications people use in their
decision-making process. Self-justification, whether used before or after engaging in unethical
behavior, serves to excuse unethical behavior as morally acceptable and thus allow people to
preserve moral self-image and avoid psychological costs of it.

Self-Justification's Role in Unethical Behavior

Abundant evidence suggests that people do not always maximize their gains when cheating
and, despite the temptation, tend to curb their own dishonesty (Ayal, Gino, Barkan, & Ariely,
2015). Even when they know their unethical behavior will never be revealed, people show a
certain level of aversion toward cheating, limiting it to an extent far below the maximum

possible (Fischbacher & Follmi-Heusi, 2013; Hilbig & Hessler, 2013; Mazar et al., 2008;
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Pruckner & Sausgruber, 2006; Shalvi, Dana, Handgraaf, & De Dreu, 2011). This tendency to
profit from unethical behavior while limiting it to preserve an honest self-image remains
consistent even when people are presented with the explicit risk of getting caught (Gamliel &
Peer, 2013).

The two opposing desires people seem to hold - to profit from illegal acts and see
themselves as moral, can lead to an “ethical dissonance”. Ethical dissonance is a feeling of
uncomfortable tension due to the inconsistency between one's actual dishonest behavior and
the personal values associated with one's moral self-concept (Ayal & Gino, 2011; Barkan et
al., 2012). When people face an anticipated or experienced ethical dissonance, they tend to
justify their misbehavior and excuse it as morally acceptable or not entirely unethical (Barkan
et al., 2012; Shalvi et al., 2015).

Justifications for unethical behavior reinforce a sense of consistency between the
behavior in question and desired moral standards and reduce moral dissonance (Kunda, 1990;
Shalvi et al., 2015) by providing reasons for the questionable act, emphasizing extenuating
circumstances, or softening the moral standard of the person (Barkan et al., 2012). People can
use pre-violation justifications to excuse their questionable behavior and lessen the anticipated
threat to their moral self by redefining their questionable behaviors as excusable. However, if
the unethical behavior has already been committed, people may use post-violation justifications
to compensate for their misbehavior and reduce the experience of ethical dissonance (Shalvi et
al., 2015).

One of the common situations in which people tend to use justifications before engaging
in unethical behavior is while facing ambiguity. When norms and rules are imprecise and open
to multiple interpretations, people can frame the unethical behavior as less immoral
(Schweitzer & Hsee, 2002). Blurred criteria for judging what is right or wrong may allow
people the opportunity to reinterpret their unethical behavior and whitewash it (Ayal & Gino,
2011; Barkan et al., 2012). However, even when the rules are clear, people may find a way to
frame the situation as morally ambiguous. For example, a study showed that people tend to
over-report the number of the first (paid) roll of a die when given the possibility to roll the die
three times instead of one time (Fischbacher & Follmi-Heusi, 2013). While reporting a high
number after one role requires lying by inventing a number, adding two irrelevant rolls allows
people to inflate the number they received in the first roll if it did appear on a later roll. That
is, people can frame the situation as more ambiguous and, therefore, be more flexible in

inventing facts (Shalvi et al., 2015).
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Another justification that can be used before acting immorally is moral licensing, which
serves as a "moral balance scale”. When people feel sufficiently moral (having collected a
surplus of moral credentials), they may feel licensed to refrain from good behavior and act
immorally (Ayal & Gino, 2011; Effron, Cameron, & Moni, 2009; Miller & Effron, 2010;
Monin & Miller, 2001; Shalvi et al., 2015). For example, in making a consumption decision,
people were more likely to take reckless purchase decisions after being asked to imagine having
volunteered to do community service (Khan & Dhar, 2007). Similarly, after disclosing a
conflict of interest to their clients, advisors sometimes felt licensed to provide biased advice
(Cain, Loewenstein, & Moore, 2005).

While moral licensing allows people to restrict moral behavior and return to a more
comfortable level, in cases where moral self-image is threatened after engaging in unethical
acts, people can reduce their ethical dissonance by engaging in moral cleansing (Ayal & Gino,
2011). Moral cleansing serves as a way of restoring moral self-image (Ayal & Gino, 2011;
Tetlock, Kristel, Elson, Green, & Lerner, 2000) by allowing people to clear themselves from
the immoral act and to turn a new page in their moral ledger (Sachdeva, lliev, & Medin, 2009).
Moral cleansing can take a physical or symbolic form - moral statements, prosocial intentions,
physical washing, inflicting pain to one’s self, or confessions (Barkan et al., 2012; Peer,
Acquisti, & Shalvi, 2014; Zhong & Liljenquist, 2006). While moral licensing provides
justifications before the unethical behavior, moral cleansing helps deal with a transgression

after the act.

Considering self-justification mechanisms, whether before or after people engage in
unethical activity, enables a better understanding of people’s behavior in various contexts and
how they may profit from it while avoiding psychological costs. However, most studies have
focused on identifying predictors of unethical behavior rather than the outcomes and
consequences of these activities (Ruedy et al., 2013). Thus, it is still unclear how self-

justification can be used to predict and explain the consequences of unethical behavior.
Conseqguences of Unethical Behavior

Studies suggest that behaving immorally can negatively influence the perceptions of self-worth
and positive self-image (Sachdeva et al., 2009). Therefore, people behave unethically in a
limited manner: enough to increase their profit but less than the extent threatening their positive
self-image as honest and decent people (Ayal & Gino, 2011; Hilbig & Hessler,2013; Mazar et
al., 2008). Since people desire to perceive themselves as honest and deserving, they strongly
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believe in their own morality (Aquino & Reed, 2002), even if doing so requires a certain degree
of self-deception or pretense (Barkan et al., 2012). Because of the desire to be moral and to be
seen by others as such, engaging in dishonest acts usually result in guilt, a negative and self-
conscious emotion (Gneezy et al., 2012; Shu & Gino, 2012; Tracy & Robins, 2004, 2007). The
self-evaluation process evokes guilt and functions to promote reparative actions such as
confessions, apologies, and attempts to undo the harm (Cohen et al., 2011; Tangney, 2003;
Tracy & Robins, 2007).

Additionally, in order to repent for their sins and relieve the feeling of guilt, people may
also engage in prosocial behaviors (Sachdeva et al., 2009; Xu et al., 2012). Prosocial behaviors
include increased willingness to comply with direct requests for help (Shu & Gino, 2012) or
donation to a charity (Gneezy et al., 2012). Evidence shows that immoral choices need to be
recent, not only in time but also in the extent of the choice's moral outcome, since willingness
to engage in prosocial behavior following unethical behavior tends to decay over time (Gneezy
etal., 2012).

Still, there are cases in which consumers cannot dismiss, deny or confess their
misconducts and therefore may experience unresolved tension and guilt. To relieve the
unethical dissonance, people tend to use distancing responses in which they judge others'
behavior more harshly and present themselves as more virtuous and ultra-honest (Barkan et al.,
2012; Shalvi et al., 2015). However, unlike moral cleansing and licensing behaviors that are
oriented inward, distancing aims for audience recognition and self-presentation rather than to
judgment of the self (Barkan et al., 2012).

Although existing models of (un)ethical decision-making have assumed that unethical
behavior triggers negative affect, it seems that in some cases, unethical behaviors may also
trigger a positive affect, which is known as a "cheater's high". In a series of experiments,
participants who cheated (with no obvious victim) experienced positive affect compared to
those who did not cheat. Factors such as financial incentives and rationalization were ruled out
with the notion that the cheater’s high reflects the thrill of getting away with cheating (Ruedy
etal., 2013).

Impact on Subsequent Judgment

If unethical behavior can elicit a wide array of emotions and behaviors, unethical behavior

should also impact people's attitudes and behavior in subsequent situations. Existing theories

of unethical behavior can help generate predictions for how cheating might affect subsequent
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judgments of the victims of the unethical behavior. Because people desire to be moral and seen
by others as such, dishonest acts usually result in guilt (Gneezy et al., 2012; Shu & Gino, 2012).
Feeling guilty may encourage reparative actions and prosocial behaviors, such as empathy and
care-giving, to “balance the scale” (Cohen et al., 2011; Tracy & Robins, 2007). Thus, people
may act positively towards those they have cheated. As noted in the opening example, the
shopper who feels guilty for having shoplifted may judge the supermarket more positively and
provide better recommendations than had he or she not shoplifted.

However, some researchers note that compensation behavior may occur only if the
person fails to resolve the ethical dissonance by justifying the act (Barkan et al., 2012; Shalvi
et al., 2015). In other words, unethical individuals may ex-ante restrict themselves from
engaging in behaviors that are too unjustifiable and therefore will not regard their actions as
unethical. As such, cheating will not influence their subsequent judgments. Indeed, self-
justification can reduce prosocial behavior's proclivity (Hofmann, Wisneski, Brandt, & Skitka,
2014). Thus, if cheating is justifiable, less guilt arises, and there is less need to compensate the

victim in order to relieve the ethical dissonance.

Still, people sometimes find it difficult to dismiss, deny, or otherwise justify their
misconduct and, therefore, still experience ethical dissonance. To alleviate that dissonance,
people may try to distance themselves from the act by judging the behavior of others more
harshly or presenting themselves as more virtuous or ultra-honest (Barkan et al., 2012; Shalvi
et al., 2015). In other words, consistent with their moral history and past decisions, people
might act more immorally after an initial immoral behavior (Schwabe, Dose, & Walsh, 2018),
and therefore continue to judge their victim more negatively to preserve a sense of moral self-
consistency (Jussim, Yen, & Aiello, 1995). The tendency to judge the victim more negatively
corresponds with theories that imply that people can selectively disengage moral self-
regulation (for instance, by attributing the blame to the victim) in order to make unethical acts

more socially or morally acceptable (Bandura, 1999).

In conclusion, a considerable amount of research has addressed the issue of unethical
behavior in numerous contexts — finance, marketing, taxes, workplaces — while trying to
understand why people behave immorally. Most of the recent literature explores the way people
maintain their moral self-image by using justifications (before or after engaging in unethical
behavior) and accordingly excuse their behavior as less immoral. It appears that although
unethical behavior is expected to have a significant impact on subsequent judgments and

behaviors, current theories diverge in their prediction of the direction and possibly the
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magnitude of these effects. In this dissertation, | aim to contrast these opposing predictions to

better understand how people judge the victims of their own unethical behavior.
Research Overview

The current research has three main objectives: first, to examine the important downstream
consequence of dishonesty—namely, people’s judgment and reviews of those they have
cheated. Subsequent judgment of the victims will be examined in different settings towards
different entities including organizations, government authorities, and marketers, with both
real-life cases and online performance. The second objective is to explore the moderating role
of justification and understand whether subsequent judgment is affected by the ability to justify
unethical behavior. In addition, |1 examine additional boundary conditions such as moral
credentials and the degree to which people actively cheated (vs. passive cheating). The third
objective is to explore the impact of unethical behavior on written review's nature and
sentiments and the possible influence they have on other people's behaviors and willingness to
engage with the victim. In addition, | discuss the implications of better understanding the
impact of unethical behavior on subsequent judgment while developing effective policies by
managers and policymakers.

The following three chapters lay the foundations for a better understanding of the

phenomenon and the implications in various contexts:

The first chapter: "The Impact of Unethical Behavior on Subsequent Judgments
of Organizations.” examines how people judge those they have cheated. More specifically, |
explore the way employees and businesspersons who recalled their unethical behaviors toward
their workplace or tax authorities judge those institutions. In four studies, | find that people
tend to judge the victims of their transgressions more harshly, presumably to distance
themselves and thus justify their transgression. These findings contribute to the body of
knowledge by confronting the opposing predictions of current theories. In addition, it has
practical implications for managers and policymakers in their effort to maintain an

organization's image in the minds of their employees and the public.

The second chapter: ""Consumer's Unethical Behavior, Self-Justification, and
Subsequent Judgments.' has two main goals. The first goal is to extend the findings from
organizational settings to the marketing realms. The results indicate that the negative
consequence of unethical acts is likely to be quite pervasive because it happens not only in
long-term relationships, such as with an employer or the government but also in one-time
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interactions. One-time interactions often characterize consumer behavior in the marketing
realm, such as using a certain product or service. The second goal is to explore the moderation
role of the ability to justify the unethical behavior. Demonstrating an important boundary
condition, I find that the unethical act does not influence judgments when cheating is relatively

obvious and hard to justify.

The third chapter: ""How Unethical Behavior Impact Online Written Reviews and
Sentiments?'" explores the impact of unethical behavior on written review's nature and
sentiments and the possible influence they have on other people's behaviors and willingness to
engage with the victim. Since people tend to use social media to review products, services, and
companies, it is important to understand if unethical behavior impacts the reviews' different
aspects. Text analysis reveals that people who cheat tend to use more negative sentiments in
the reviews, but only when cheating is not obvious (i.e., not hard to justify). Further
examination reveals that reviews written after behaving unethically reduced other people's
willingness to engage with the victim. These findings reinforce the importance of word-of-
mouth in shaping others' judgments and behaviors and the notion that unethical behavior not
only influences the subsequent judgment of the cheater but may affect the perception and image

of organizations and government in the public eyes.

Exploring the impact of unethical behavior on subsequent judgments is innovative since
it sheds light on unexplored aspects of unethical behavior by shifting the focus from
antecedents of unethical behavior and ways to mitigate it to the impact unethical behavior
probably has on subsequent judgment. That is, the research considers unethical behavior as the
cause rather than the effect. The study also adds to the body of knowledge of online reviews,
which up until now have not considered unethical behavior as a possible influencing factor
(e.g., Babi¢, Sotgiu, De Valck, & Bijmolt, 2016; Cheung & Lee, 2012). Since 60% of
consumers are estimated to have engaged in unethical behavior at some point in their lives
(Krasnovsky & Lane, 1998), it is thus clear that some online reviews may originate from cases
of unethical behavior, and the difference between these and ordinary reviews could prove to be

significant.

The research may have far-reaching implications for organizations, policymakers, and
marketers in terms of business strategies and effective policies. Because cheating is common
and people's judgments drive their choices and word of mouth, it may influence other people's
decisions and behaviors. Hence, unethical behavior may affect an organization's perception and

impact brand equity and business results. As a result, firms and policymakers may decide to
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change business or marketing strategies to approach the consequences of unethical behavior,
such as shifting resources from expensive preventive measures to more creative marketing
efforts along the customer journey. In addition, policies concerning consumer protection and
fair trade may need to consider ways to inform the public about possible bias due to unethical
behavior in daily life, both in the marketing realm, workplaces, and organizations such as

governmental authorities.

In conclusion, this research uncovers an unexplored consequence of unethical behavior,
that is, how people judge those they have cheated. Behaving unethically may encourage people
to distance themselves and harshly judge organizations and brands, providing lower ratings and
potentially causing further harm to those they have already cheated. This research provides
important implications for managers and policymakers seeking to maintain the organization's
image in the minds of the general public and customers and to protect fair trade principles in
general.
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Chapter 1
The Impact of Unethical Behavior on

Subsequent Judgments of Organizations

Abstract

Although much of individuals’ unethical behavior is directed towards organizations, the impact
of individuals’ dishonesty on their judgment of the organization is unknown. Previous research
has neglected to explore the potentially important downstream consequence of cheating.
Existing theories offer contradicting predictions: on the one hand, cheaters may feel guilty for
having cheated, so they judge the organization more favorably; on the other hand, to protect
their self-image, cheaters may blame the organization for their misbehavior, consequently
judging it more negatively. In four experiments, | find that cheaters judge organizations more
negatively the more they cheat and when cheating behavior is made salient. These findings
have important implications for organizations and policymakers because cheating is common,
and individuals' judgments drive their own future choices and word of mouth, thus influencing

other people's behavior.
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Introduction

People have often been found to behave unethically towards organizations: employees can
defraud their workplace, citizens can cheat their government, and consumers can poach sellers
and vendors. While the media highlight extreme cases of fraud and scams, many ethical
violations are minor and committed by ordinary people who value morality but behave
unethically when faced with the opportunity to cheat (Gino, 2015). Although these minor
ethical violations enable people to self-justify them (Shalvi, Eldar, & Bereby-Meyer, 2012),
their aggregate economic impact is enormous, accounting for billions of dollars annually
(Business Software Alliance, 2018; National Retail Federation, 2020; Taylor, 2016), and play

a significant part in the bankruptcies of organizations (Feldman, van Rooij, & Rorie, 2019).

Given the significant costs of unethical behavior to society, much research has explored
the antecedents and potential remedies for unethical behavior (Ayal, Hochman, & Ariely, 2016;
Gerlach, Teodorescu, & Hertwig, 2019). However, studies have failed to consider an important
downstream consequence of dishonesty—namely, people’s judgment and evaluations of those
they have cheated. Because unethical behavior is common (e.g., Ayal & Gino, 2011) and
individuals’ judgments drive their own future choices and word of mouth, thus influencing
others’ behavior, understanding whether unethical behavior has systematic downstream effects

is important.
Unethical Behavior in Organizational Settings

Unethical behavior is a common, everyday phenomenon, especially in organizational settings.
Employees inflating business expense reports, committing payroll fraud, overstating
performance or contributions to teamwork, stealing inventory or intellectual property, and
abusing company assets for personal use are acts that ordinary people regularly commit (Ayal
& Gino, 2011; Gill, Prowse & Vlassopoulos, 2013). Employees' unethical behavior in the
workplace has reached epidemic proportions throughout the world (Weber, Kurke, & Pentico,
2003), and according to recent data, one out of every 50 employees was caught stealing from
their employer in 2019 (Hayes international annual retail theft survey, 2019). The estimated
loss due to unethical behaviors is estimated at 5% of firm revenues and translates into $4.5
trillion at the global level (ACFE, 2020). In addition to the direct impact on business revenue,
unethical behavior in the workplace can threaten a company's reputation and its ability to offer

quality services to customers and stakeholders (Singh & Twalo, 2015).
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Unethical behavior in an organizational setting can also be found among individuals
and entrepreneurs who cheat on their tax reports to reduce their legally due tax obligations
(Alm & Torgler, 2011). Such actions can include underreporting income, claiming unearned
deductions, or failing to file appropriate tax returns. Tax non-compliance is a major concern to
government and public policy. It is estimated at $406 billion in lost funding annually in the
United States (IRS, 2016) and £34.1 billion in the UK (HMRC, 2019). Tax evasion impacts
governmental revenues and can also lead to significant unfairness in society (Bott, Cappelen,
Sgrensen, & Tungodden, 2019).

Interestingly, even when people behave unethically, they are usually not perceived as
criminals, either legally or socially, and succeed in maintaining their moral self-image as
ethical people (Feldman et al., 2019). This tendency has the danger of normalizing individuals'
dishonesty and violation of rules in general. The prevalence of dishonest behaviors and the
threat to the legitimacy of the organizations' rule systems lead to considerable pressure on
policymakers and organizations to effectively monitor and detect unethical behavior (Gill et
al., 2013; Singh & Twalo, 2015). Importantly, in recent years there is a shift in policy and
interventions. While in the past, measures relied on the notion that people are rational and try
to maximize their gains, in recent years, measures are based on behavioral aspects and
justifications people use in their decision-making process (Feldman, 2018; Zhang, Gino, &
Bazerman, 2014).

Regulations and Interventions — Shift in Policies

Sanctions and penalties are frequently used to discourage people from engaging in unethical
behaviors. By forming sanctions, policymakers and managers rely on the idea that a sanction
changes the behavior's desirability and therefore deters people from dishonest acts (Mulder,
2018). This view is based on classical approaches that assume people are rational agents who
aim to maximize the expected utility of their gains, weighing the benefits of successful cheating
against the risky consequences of detection and punishment (Dell’Anno, 2009). However,
evidence suggests that classical measures to limiting unethical behavior in organizations, such
as formal codes of conduct or high fines, can weaken internal moral motivation and sometimes
increase the tendency of good people to engage in misconduct (Alm, 2012; Ayal, Celse, &
Hochman, 2019; Feldman, 2017; Pierce & Balasubramanian, 2015). For example, increasing
the severity of punishment in the transport system led to higher fare evasion rates (Bijleveld,
2007). Additionally, employees may feel like they might be forgiven after reading a formal

ethical code written in a more personal language (Kouchaki, Gino, & Feldman, 2019).
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Insights from the growing behavioral ethics field suggest that people care for morality
and may act unethically either unintentionally without being aware of their own acts or while
knowingly breaking the rules while using self-justifications as a means to maintain a positive
moral image (Bazerman & Gino, 2012). As a result, behavioral ethics has questioned the
effectiveness of punishment and sanctions as ways to limit unethical behavior and suggested
alternative methods to ensure honest behavior in organizations (Feldman et al., 2019). For
example, the REVISE framework suggests three principles in shaping intervention: subtle cues
to increase the salience of morality and decrease the ability to justify dishonesty, social
monitoring cues to restrict anonymity, and self-engagement to increase people’s motivation to

maintain a positive self-perception as a moral person (Ayal, Gino, Barkan, & Ariely, 2015).

In addition, when referring to tax evasion, it seems that although enforcement may
increase tax compliance, collecting taxes through aggressive enforcement and coercion is more
costly than encouraging taxpayers to collaborate with tax collectors (Mascagni, 2018). As a
result, there is a growing interest among policymakers and academics in improving “tax
morale”. Tax morale is an umbrella term that captures non-monetary motivations for tax
compliance, such as intrinsic motivation to pay taxes or guilt for failure to comply, the
influence of peer behavior, and cultural or social norms (Luttmer and Singhal 2014). Tax
morale serves as a way to increase voluntary compliance with tax laws and ensure tax
compliance even in situations where the ability to control and audit taxpayers is limited (Bott
et al., 2019). For example, a study in a local church in Bavaria, where the German tax code
legally obligates tax payment, found that even in an environment in which both actual and
perceived enforcement of tax collection is absent, there is some degree of tax compliance due

to intrinsic motivation (Dwenger, Kleven, Rasul, & Rincke, 2016).

Improving tax morale suggests that policymakers consider a rich set of instruments to
affect compliance. For example, developing services to assist taxpayers in filing returns and
paying taxes, using simple nudges to remind social norms, presenting information in a more
accessible form, providing payment reminders, or using an advertisement that links taxes with
government services (Alm, & Torgler, 2011; Lamberton, De Neve, & Norton, 2018; Luttmer,
& Singhal, 2014). Importantly, this policy views the taxpayer as a client rather than a potential
criminal and relies upon their own moral values and perception of the tax administration's
quality and credibility (Alm, 2012).

Yet, despite the breadth of research on what drives unethical behavior and consequently

policies and intervention, there is much less research on how unethical acts affect individuals'
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subsequent behaviors toward the organization they have cheated. A better understanding of the
downstream effects of unethical behavior may shed light on unexplored aspects of people's
misbehavior. Thus, it may have far-reaching implications for organizations and policymakers

in considering regulations and policies that mitigate unethical behavior and its effects.
Subsequent Judgment and Possible Impact on Policies

Unethical acts lead to significant financial losses but may also result in additional behavioral
consequences that could affect the organization. Actors’ subsequent behaviors may impact
their satisfaction level from the organization, loyalty to the organization, and the nature of their
(online) recommendations. For example, consider an employee that over-reported their
monthly work hours. Would this unethical act influence the employee’s judgment of the
workplace? Would this over-reporting lead the employee to judge their workplace more or less
positively? Or, consider a self-employed businessperson that underreported her annual income
in order to reduce taxes owed. Would cheating influence her judgment and perception of the
government authorities? Studies have shown that citizens' perceptions of government are based
on their personal experience, judgments of the integrity and capability of public officials, and
word of mouth (Houston, Aitalieva, Morelock, & Shults, 2016). Importantly, people's
perceptions influence public trust, which is central to implementing public policies, and
subsequently for effective, cooperative compliance (Gordon, 2000; Im, Cho, Porumbescu, &
Park, 2014).

Critically, existing theories of unethical behavior provide conflicting predictions for
how cheating may affect people’s judgments of the victims of the unethical behavior. Because
people wish to be moral and seen by others as such, unethical acts could increase feelings of
guilt (Cohen, Wolf, Panter, & Insko, 2011; Shu & Gino, 2012). Guilt feelings could trigger
reparative actions and prosocial behavior, such as empathy and care-giving, that could “balance
the scale” (Gneezy, Imas, & Madarasz, 2012; Tracy & Robins, 2007). According to this
scenario, a cheating employee would judge and evaluate the workplace more favorably,
attempting to relieve their guilt. However, according to some studies, compensation behavior
may occur only if the person fails to resolve the ethical dissonance by justifying the act (Barkan,
Ayal, Gino, & Ariely, 2012; Shalvi, Gino, Barkan, & Ayal, 2015). Unethical individuals may
use justifications before or after engaging in dishonest acts and, as a result, will not regard their
actions as unethical. In such cases, cheating will evoke less guilt and prosocial behavior
(Hofmann, Wisneski, Brandt, & Skitka, 2014) and, therefore, might not influence their

subsequent judgments.
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However, people sometimes find it difficult to deny their misconduct and thus may still
experience some ethical dissonance, a feeling of tension due to the inconsistency between their
actual dishonest behavior and their desire to uphold a moral self-image (Ayal & Gino, 2011;
Barkan et al., 2012). To alleviate that dissonance, people distance themselves from their
misconducts, preferring to criticize others so they can present themselves as "ultra-moral”
(Barkan et al., 2012; Shalvi et al., 2015). This account would suggest that people will judge
their victim more negatively to preserve a sense of self-consistency with their moral history
and past decisions (Jussim, Yen, & Aiello, 1995; Schwabe, Dose, & Walsh, 2018). The
prediction that people would tend to judge the victim more negatively is also consistent with
theories that suggest people can selectively disengage moral self-regulation (for instance, by
attributing the blame to the victim) and behave unethically without feeling distressed (Bandura,
1999; Moore, Detert, Klebe Trevifio, Baker, & Mayer, 2012). According to this account, the
aforementioned cheating employee would judge and evaluate the workplace more negatively

after cheating, trying to distance themselves from the object of their misconduct.

In summary, whereas theories that focus on guilt (e.g., Cohen et al., 2011) predict
higher and positive judgments following dishonesty, theories of distancing (e.g., Barkan et al.,
2012), self-consistency (Jussim et al., 1995), and self-regulation (Bandura, 1999) predict lower
and negative judgments following dishonesty. Accordingly, | test these opposing directions
among employees and taxpayers. Across four studies, | find that people tend to judge the
organizations they have cheated more negatively, and the more they cheat, the more negative
these judgments become. The results were found among employees who recalled their
unethical behaviors in the workplace (Studies 1.1-1.3) and partially among self-employed who
recalled their false tax reports (Study 1.4), implying that people tend to distance themselves by
judging the target of their transgression in an attempt to justify their actions. Because unethical
behaviors occurred in the past, | asked participants to recall their own ethical misconducts
(Barkan et al., 2012). Previous studies showed the impact of recalling one's misconducts
(compared to others’) on subsequent moral self-image, intentions, and behavior (Jordan,
Mullen, & Murnighan, 2011).

The experiments also demonstrate external validity in everyday, real-life situations
among employees and taxpayers. As part of the increasing criticism of the behavioral ethics
field for using abstract tasks in laboratory settings with low ecological validity (Ayal et al.,
2019) and the tendency to shift research in behavioral ethics to a more prescriptive approach
rather than a descriptive one (Ayal et al., 2016), | explored the impact of unethical behavior on
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subsequent judgment among people in their daily life. The results enable a better understanding

of the phenomenon and the possible implication for organizations and policymakers.

Additionally, the design of the studies enabled to dismiss a reversed causality account
whereby a prior negative judgment allows people to cheat more. Most studies in the field of
tax evasion emphasized that taxpayers' evasion levels depend on their satisfaction with public
policy and their relationship with the authorities (Dell’ Anno, 2009). However, using the recall
paradigm (Fox & Kahneman, 1972), in which the satisfaction level from the organization was
examined before or after recalling their transgression, showed a negative correlation between

unethical behavior and subsequent judgment only after recalling their transgressions.

Unethical workplace behavior and judgment of the workplace (Studies 1.1-1.3)

The following studies examined employees’ ratings of their employer as a function of the
salience of unethical workplace behaviors. Unethical behavior was made salient using a recall
paradigm (Blekher, Danziger, & Grinstein, 2019; Fox & Kahneman, 1992) that manipulated
the order of two questions in a survey to examine whether the evaluation of satisfaction (or
judgment in general) varies with the salience of another measure. In the studies, | asked
employees to rate their workplace either before (low salience) or after (high salience) reporting
whether they engaged in questionable behaviors in their workplace. | compared employees'
ratings of their workplace in the two conditions to determine whether employees' judgments in
the high salience condition would be more positive or negative than employees’ judgments in

the low salience condition.
Study 1.1 - Pretest

The pretest aim was to determine the number of questionable behaviors participants will be
asked to recall. On the one hand, the number of questionable behaviors should be high enough
to elicit thoughts and an in-depth examination of unethical behaviors in the workplace. On the
other hand, the number of questionable behaviors should not be too high so as not to be seen
as too difficult. In addition, I wanted to examine the perceived severity of each behavior to
better understand the differences between the categories of the questionable behaviors (e.g.,

personal issues during work time, false reports).
Method

Participants. 196 participants (62% female, Mage = 34, SD = 10.4) who reported part-

or full-time employment took part in the experiment. Participants were recruited from prolific,
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online platform which offers a more diverse population and high data quality (Peer,
Brandimarte, Samat, & Acquisti, 2017). Each participant was paid £0.40. The study used two
conditions (2 or 12 questionable behaviors), with approximately 100 participants in each

condition.

Design and procedure. Participants were asked to recall and write up to 2 or 12
questionable workplace behaviors ("Try to recall and write up to two/twelve questionable
behaviors you have done personally in the last year in your workplace. There is no need to
describe the context or to explain the behavior"). After recalling the questionable behaviors,
participants were asked to indicate the severity of each act ("Please rate the severity of each
behavior you mentioned on a scale of 1-7, 1 - not severe at all, 7 - very severe"). Then,
participants were asked to indicate the extent to which they agree with two statements on a
scale of 1-7 (1 — do not at all agree, 7 — agree completely): it was easy for me to recall 2/12
questionable actions I've done in my workplace", "it would have been difficult for me to list
more questionable acts than I did."”

Results and Discussion

Participants who were asked to recall two questionable behaviors (N = 101) listed a
significantly lower number of questionable behaviors compare to participants (N = 95) that
were requested to recall 12 questionable behavior, M = 1.95, 4.28; SD = .26, 3.16; t(194) =
7.39, p <.01). However, the perceived severity of the questionable behaviors that were recalled
among both groups was not significantly different (M = 3.31, 3.02; SD = 1.37, 1.36; t(194) =
1.50, p = .14).

There was no significant difference in the average ease of recalling questionable
behaviors between participants that were requested to recall 2 vs. 12 actions (M = 4.20, 3.91;
SD = 1.95, 2.14; t(194) = 1, p = .32). In addition, there was no significant difference in the
average difficulty to recall additional questionable behaviors between participants that were
requested to recall 2 vs. 12 actions (M = 5.39, 5.72; SD = 1.63, 1.62; t(194) = -2.15, p = .16),

so that all participants perceived it as relatively difficult.

The most frequent categories of questionable behaviors participants wrote were: using
company resources for personal benefit, using company time for personal issues, making false
reports, and customer-related issues. However, questionable acts related to false reports
(reporting extra hours) and customers (bad service) were perceived as the most severe

questionable acts (Table 1.1).
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Table 1.1. Perceived severity according to questionable act categories

Categories of Perceived
i Examples Frequency .
questionable acts Severity
Using company printing personal documents
resources for stealing stationery 117 2.7
personal use taking home company food or drinks
i doing personal tasks
Personal issues .
. . waste time 151 3.1
during work time .
online games
leaving early
False reports recorded extra hours 72 4.1
pretend to be sick
Customer-related ignore clients 20 48
issues overcharging customers '

According to the pretest results, more than 74% of participants provided more than
merely two questionable behaviors when requested to recall up to 12 acts. Yet, only a few
participants wrote more than ten questionable behaviors (10% of participants). Therefore, 1
concluded that participants would be asked to recall up to 10 questionable behaviors in the

following studies.

Study 1.2 - Impact of perceived severity and prevalence of

guestionable behaviors on job satisfaction

In study 1.2, 1 used the recall paradigm (Blekher et al., 2019; Fox & Kahneman, 1992), which
manipulated the order of two questions in a survey to examine whether the evaluation of
satisfaction and judgment varies with the salience of another variable. In this study, I explore
whether employees' subsequent workplace judgments vary with the salience of the perceived
severity of questionable behaviors and their prevalence among their peers. Both measurements
were an indication of how much participants perceived the questionable behaviors as normative
and morally acceptable. | compared employees' ratings of their workplace in the two conditions
to determine whether employees' judgments in the high salience condition would be more

positive or negative than employees’ judgments in the low salience condition.

Based on previous studies, unethical behaviors that are perceived as more severe may
be considered less normative and threaten the moral self-image (Barkan et al., 2012). As a
result, it may affect peoples' subsequent judgment of the target of the transgression. However,
since current theories (guilt-relief and distancing) suggest opposing predictions on subsequent

judgments, | predict differences in the satisfaction level between participants who cheated
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compared to those who didn't cheat without a clear direction (supporting the guilt or distancing

account):

H1.1 Employees who perceive their questionable behaviors as severe and recall it (high
salience) will rate their satisfaction level significantly different compared to employees who
perceive their questionable behavior as less severe and recall it, and compared to employees

who report their satisfaction level before recalling their questionable behavior.

H1.2 There will be a significant correlation between the perceived severity of questionable

behavior and the satisfaction level from the workplace only in the high salience condition.
Method

Participants. | recruited 280 participants from Prolific Academic (55% female, Mage =
35, SD = 11.1) who reported part- or full-time employment. All participants were above 18
years old, with English as their first language. Each participant was paid £0.40. The study used

two conditions (low or high salience), with a minimum of 100 participants in each condition.

Design and Procedure. Participants performed two tasks. In one task, they were asked
to recall and write up to 10 questionable workplace behaviors that they had engaged in over
the last year. To ensure participants understood what we meant by questionable behaviors, |
gave them three general examples of common questionable behaviors found in the pretest
(using company resources for personal use, over-reporting to receive higher pay, and wasting
time on non-work-related issues). Next, participants rated the severity of each behavior they
mentioned on a scale of 1-7 (1 — not severe at all, 7 — very severe), and how often do they think
other employees engage in each questionable act they mentioned on a scale of 1-5 (1 — never,
5 — a lot of the times). In the second task, participants completed a five-item job satisfaction
survey (Andrews & Withey, 2012) on a scale ranging from 1 (extremely dissatisfied) to 7
(extremely satisfied). | used task order to make unethical behavior salient in participants’ minds
or not: participants rated their job satisfaction either before (low salience) or after (high
salience) they reported their questionable workplace behaviors. In both conditions, the two
surveys were presented as unrelated studies, and participants were asked to respond to each

one separately.
Results and Discussion

There was no significant difference in the number of questionable behaviors

participants in the high salience condition mentioned compared to those in the low salience
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condition, t(278) =.49, p = .63. In addition, there was no significant difference in the overall
workplace satisfaction rating between the conditions, t(278) = .56, p = .57. Importantly, there
was no significant difference in the perceived severity between the conditions, t(278) = .75, p
= .46, and on how often participants thought that other employees engaged in similar
questionable behaviors, t(278) = .40, p = .609.

Table 1.2. Differences Between the Low and High Salience Condition

Condition
Low Salience High Salience
(N=140) (N=140)

Mean SD Mean SD
Number of questionable behaviors 3.44 2.30 3.59 2.50
Average Satisfaction 5.00 1.05 4.93 1.29
Perceived severity of the acts 2.87 1.15 2.97 1.35
!Eng.ag.ement of other employees 3,62 0.84 3.66 0.94
in similar acts

To test hypothesis H1.1 (i.e., employees in the high salience condition who perceived
their questionable behavior as more severe would report a significantly different satisfaction
level compared to other participants), | conducted an ANOVA with the perceived severity
(low versus high) and condition (low versus high salience) as independent variables and job
satisfaction as the dependent variable. Because perceived severity is a continuous variable, |
divided the perceived severity into high and low levels based on several different criteria: first,
| tested differences between perceived severity that was lower/higher than the scale's midpoint
(3.5 on the 1-7 scale). Second, I defined the low/high perceived severity based on the mean of
the perceived severity and the median. The analysis revealed a significant interaction on the
level of satisfaction, F(1,276) = 4.89, p < .05. Participants in the high salience condition who
perceived their misconducts as severe reported the lowest job satisfaction (M = 4.72, SD =
1.42) compared to participants in the high salience condition who perceived their misconducts
as less severe (M =5.03, SD = 1.20), and compared to participants in the low salience condition
who perceived their misconduct as less severe (M =4.90, SD = 1.09) or more severe (M =5.25;
SD = 0.91). The results were significant also when | defined low and high perceived severity
based on the mean (Mperceived severity = 2.9), F(1,276) = 6.2, p < .05, or based on the median
(Mdperceived severity = 3), F(1,276) = 5.99, p < .05.
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Because the perceived severity is a continuous variable, and in order to examine
hypothesis H1.2, | also tested the main effect of the correlation between perceived severity and
job satisfaction in each condition. To test the hypotheses, | used PROCESS (Model 1 in Hayes,
2017) with the condition as the moderator for the effect of perceived severity of questionable
behaviors on job satisfaction. The model was statistically significant, F(3, 276) = 2.34, p < .05,
with a negative coefficient for the interaction (b = —.28, SE = .11, p < .05). As Figure 1.1
illustrates, there was a significant, negative correlation between the perceived severity of
unethical behaviors and ratings in the high salience condition (b = —-.17, SE = .08, p < .05),
while in the low salience condition, the correlation was positive but not significant (b =.12, SE

= .08, p = .15). These findings support hypothesis H1.2.

Figure 1.1. Impact of Perceived Severity of Questionable Behaviors on Job Satisfaction

Rating in the Low and High Salience Conditions

\ Condition

—— High salience

Job satisfaction

Low salience

Perceived Severity

The moderation model was not significant when considering the number of
questionable behaviors participants mentioned on the level of satisfaction in both conditions
(F(3, 276) = .64, p = .59), or the perceived prevalence of similar unethical behaviors among
peers on the level of satisfaction (F(3, 276) = .61, p = .60). However, the moderation model
was significant when considering both perceived severity of the questionable behavior and the
prevalence of similar acts among peers (perceived severity by prevalence among peers) on the
level of satisfaction from the workplace (F(3, 276) = 2.68, p < .05), with a negative coefficient
for the interaction (b = —.07, SE = .02, p < .05). There was a significant, negative correlation
between the perceived severity of unethical behaviors and satisfaction in the high salience
condition (b =-.20, SE = .08, p < .05), while in the low salience condition, the correlation was
positive but not significant (b = .11, SE = .08, p = .22).
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These findings support the theories that predict that unethical behavior leads to a more
negative subsequent judgment of the target. When employees recalled unethical behavior in
the high salience condition, they subsequently judged their employer less favorably the more
they perceived their behavior as more severe. Misbehaviors that are perceived as more severe
may be considered less normative and elicit moral dissonance, an uncomfortable tension due
to the inconsistency between moral self-image and the actual misbehavior (Barkan et al., 2012).
Distancing from the wrongdoing by harsh judgment of the workplace can, therefore, serve as

a post-violation justification to ease the tension and restore moral self-image.

Interestingly, the perceived prevalence of similar questionable behaviors among peers
did not affect the workplace's subsequent judgment. However, when considering the perceived
severity of the act with how prevalent it is, there was a negative impact on the workplace's
satisfaction level. This finding may indicate that when a particular unethical behavior is
perceived as common, it does not necessarily cause discomfort and may even be justified by
"everyone is doing it" (Mazar, Amir, & Ariely, 2008). However, when this behavior is severe
enough and perceived as relatively common among peers, it allows employees to blame the

workplace more easily.

In addition to the importance of the perceived severity of the questionable behaviors,
there is a need to consider the frequency in which employees engaged in certain misbehavior.
Although there was no correlation between the number of questionable behaviors employees
indicated in this study, the cumulative effect of a frequent engagement in a specific unethical
action, even if not severe, can influence the ability to justify the behavior and hence on the
subsequent judgment of the target of the transgression. Thus, the next study aims to replicate
the findings from the current study (i.e., an employee who recalls their wrong did tend to judge
their workplace less favorably) and extend it by reviewing the effect of the frequency of their

wrongdoing.

Study 1.3 - Impact of engaging in questionable behaviors

on job satisfaction

Study 1.3 uses the same recall paradigm as Study 1.2 (Blekher et al. 2019) to manipulate the
salience of unethical behavior. However, in this study, | asked employees to rate their
workplace either before (low salience) or after (high salience) they reported whether and to
what extent they engaged in questionable behaviors in their workplace. Consistent with the

distancing account, in the high salience condition, | expected a negative correlation between
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the extent to which employees engaged in unethical behaviors and their workplace judgment,

while in the low salience condition, I did not expect to find any significant correlation.

H1.3 Employees who cheat at a high frequency and recall it (high salience) will report the
lowest job satisfaction level compared to employees who cheat at a lower level and recall it,

and employees who report their satisfaction level before recalling their cheating.

H1.4 There will be a significant correlation between frequency of questionable behavior and
the satisfaction level from the workplace only in the high salience condition.

Method

Participants. | recruited 272 participants from Prolific Academic (60% female, Mage =
34, SD = 10.6) who reported part- or full-time employment. Each participant was paid £0.40.
The study used two conditions (low or high salience), with a minimum of 100 participants in

each condition.

Design and Procedure. As in Study 1.2, participants performed two tasks. In one task,
they were asked to recall and write up to 10 questionable workplace behaviors that they had
engaged in over the last year. Next, participants indicated how often in the last year they had
engaged in each of the behaviors they reported (1 = once, 2 = rarely, 3 = sometimes, 4 =
frequently, 5 = almost every day). In the second task, participants completed a five-item job
satisfaction survey (Andrews & Withey, 2012) on a scale ranging from 1 (extremely
dissatisfied) to 7 (extremely satisfied). In this study, | also used task order to make unethical
behavior salient in participants’ minds: participants rated their job satisfaction either before
(low salience) or after (high salience) they reported their questionable workplace behaviors. In
both conditions, the two surveys were presented as unrelated studies, and participants were

asked to respond to each one separately.
Results and Discussion

Participants in the high salience condition reported engaging in more questionable
behaviors (M =4.65, SD = 2.86) than those in the low salience condition (M = 3.97, SD = 2.43),
t(270) = 2.11, p <.05, np? = 0.016. There was no significant difference in the average frequency
of engagement in the reported behaviors between the high salience condition (M = 2.79, SD =
.79) and the low salience condition (M = 2.74, SD = .73), t(270) < .51, p = .61. Job satisfaction
ratings were lower in the high salience condition (M = 4.58, SD = 1.30) than in the low salience

condition (M = 4.90, SD = 1.10), t(270) = -2.15, p < .05, ny? = 0.02.
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To test hypothesis H1.3 (i.e., employees who engage in questionable behavior and
recall their behavior would report significantly different satisfaction level compared to other
participants), | ran an ANOVA with the frequency of questionable behavior (low versus high)
and condition (low versus high salience) as independent variables and job satisfaction as a
dependent variable. Because the frequency of questionable behavior is a continuous variable,
| divided the frequency into high and low levels based on several different criteria: first, | tested
differences between frequency rate that is lower/higher than the scale's midpoint (2.5 on the 1-
5 scale). Second, | defined the low/high frequency based on the mean frequency of questionable
behaviors and the median. The analysis revealed a significant interaction on the level of
satisfaction, F(1,268) = 4.54, p < .05. participants in the high salience condition who engaged
in high frequency of questionable behaviors in their workplace reported the lowest job
satisfaction (M = 4.39, SD = 1.31) compared to participants in the high salience condition who
engaged in lower frequency in questionable behavior in their workplace (M = 4.89, SD = 1.22),
and compared to participants in the low salience condition who engaged in low or high
frequency in questionable behaviors in the workplace (M = 4.81, 4.95; SD = 1.18, 1.05).
However, the results were not significant when | defined low and high frequency of
questionable behavior based on the mean (Mrequency = 2.76), F(1,268) = .48, p = .49, or based
on the median (Mdfrequency = 2.75), F(1,268) = .48, p = .49.

Because the frequency of questionable behavior is a continuous variable, and in order
to examine hypothesis H1.4, | also tested the main effect of the correlation between the
frequency of questionable behavior and job satisfaction in each condition. To test the
hypotheses, |1 used PROCESS (Model 1 in Hayes, 2017) with the condition as a moderator for
the effect of frequency of engagement in questionable behaviors on job satisfaction. 1 used the
number of questionable behaviors participants wrote (from 1 to 10) as a covariate to control
for possible effects of verbosity (in writing skills) or recency (e.g., people who acted
unethically more recently could have recalled more instances). The model was statistically
significant, F (4, 267)= 3.64, p < .01, with a negative term for the interaction, b = —.41, SE =
.19, p < .05. As Figure 1.2 illustrates, | found, consistent with hypothesis H1.4, a significant,
negative correlation between frequency of unethical behaviors and ratings in the high salience
condition, b =—.24, SE = .14, p < .01, while in the low salience condition, the correlation was
not significant, b = .01, SE = .13, p =.92.
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Figure 1.2. Impact of engaging in questionable behaviors (frequency of unethical
behaviors in the last year) on job satisfaction rating in the high salience and low salience

conditions
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Although not part of the main research hypotheses, | also examined whether the
employee's role (i.e., not a manager, first-level manager, or senior manager) is significant to
the correlation between frequency of unethical behavior and job satisfaction. The analysis can
be interesting since previous studies found that managers may be negatively affected by
challenging goal settings and tend to use questionable tactics such as realizing sales revenue
early or hiding expenses to get rewarded while indicating that the goal itself was the source of
the problem (Ordonez & Welsh, 2015). The analysis revealed that the employee's role is
significant only among first-level managers (supervisors) in the high salience condition. In the
high salience condition, there was a negative correlation between the frequency of first-level
manager's unethical behaviors and job satisfaction rating (b=-.42, F(1,80)=16.9, p < .05).

The findings of the study support the theories that predict that unethical behavior leads
to more negative subsequent judgments of the target of the transgression. When employees
recalled their unethical behavior in the high salience condition, they subsequently judged their
employer less favorably the more they had recalled such behaviors. This pattern supports the
distancing account, in which people distance themselves from their wrongdoing so they can
view themselves as moral (Barkan et al., 2012). Considering that in 2019, one out of every 50
employees was caught stealing from their employer (Hayes international annual retail theft

survey, 2019), it may have a far-reaching implication on the level of satisfaction of employees,
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the word of mouth of the employees, and thus the ability to recruit and maintain good

employees in the organization.

Paradoxically, these findings suggest that, ceteris paribus, the more lenient a workplace
is in enabling and allowing (or not limiting or prosecuting) unethical workplace behaviors, the
less satisfied its workers may be. However, it can also support interventions that increase the
salience of moral rules and previous behaviors to decrease unethical behavior. In addition, it
supports the findings that challenging goals may have a negative effect on the managers and

may encourage unethical behaviors (Ordonez & Welsh, 2015).

One may argue that finding a significant negative correlation between frequency of
unethical behaviors and ratings in the high salience condition does not test causality. Meaning,
it may be that when employees are less satisfied with their workplace, they tend to engage more
frequently in unethical behaviors and not the opposite. However, if these were (only)
correlational findings, | would have expected to find the same, or a similar, correlation between
unethical behavior and employee ratings in the low salience condition, which I did not. The
next study was designed to further test these findings' replicability in another sample and a
different organizational setting.

Study 1.4 - Tax evasion and judgment of tax authorities

In Study 1.4, | focused on false tax reporting, one of the most common ethical violations among
individuals (Lamberton, De Neve, & Norton, 2018). More specifically, | explored the impact
of false tax reporting of the self-employed on their ratings of relevant government tax
authorities, using the same recall manipulation used in Studies 1.2 and 1.3. Departing from
them, | asked participants to report the frequency with which they engaged in various types of
false tax reporting, among other behaviors not related to cheating. Consistent with the findings
of Studies 1.2 and 1.3, | hypothesized that participants in the high salience condition would
selectively rate the government agencies that deal with tax and business related issues more
negatively the more they report unethical tax reporting related to those agencies.

H1.5 Self-employed who cheat at a high level and recall it (high salience) will report the lowest
satisfaction level from business and tax-related authorities compared to participants who recall
their actions and cheat to a small extent, and compared to participants who report their
satisfaction level before recalling their questionable actions (whether the cheating level is high

or low).
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H1.6 There will be a significant negative correlation between unethical tax reporting and the
rating of government agencies only in the high salience condition, and only when judging

government agencies related to business or tax.

Method

Participants. | recruited 309 workers (54% female, Mage = 41, SD = 11.8) that were all
pre-screened to be self-employed, using a commercial online panel in Israel. Each participant
received 20 points that can be converted into gift cards (equivalent to 2 NIS, about $0.60) for
completing the study. The study used two conditions (low or high salience), with a minimum
of 100 participants in each condition.

Design and Procedure. Participants in the high salience condition first indicated how
often they perform ten behavioral items that indicate tax evasion (1 = never, 2 = rarely, 3 =
sometimes, 4 = often, 5 = always) and six business-related behaviors unrelated to taxes, all
presented together in random order. Items related to tax evasion were: | pay in cash (without
an invoice); [ report my family cleaning products’ expenses as business expenses; I report my
family fuel expenses as business expenses; | report my family flights expenses as business
expenses; | report my family grocery expenses as business expenses. ltems related to honest
tax reporting (reverse-coded) were: | report on each of the jobs | perform in my business; |
issue invoices for bank transfers; | issue invoices at the actual payment date; I issue an invoice
for every cash payment; | report the full amount of cash payments. The items unrelated to taxes
were: I'm available to clients on the phone; I work on weekends and holidays; | work especially
from home; | regularly update my customer base; I'm active in social media; I'm available to

customers also during the evening.

Then, participants rated their satisfaction (from 1 = not at all satisfied, to 5 = very
satisfied) with five government authorities that deal with taxes and businesses, and 13
authorities that do not. Agencies related to tax reporting and businesses were determined in
advance and included: Tax Authority, VAT Authority, Social Security, Small Business
Agency, Registrar of Companies. The unrelated agencies were: Ministry of Education,
Ministry of Health, Ministry of Culture, Ministry of Environmental Protection, Fire
Department, Ministry of Tourism, Consumer Protection Authority, Standards Institute,
Ministry of Social Equality, Police, Ministry of Energy, Immigration Authority, Ministry of

Communication.
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In the low salience condition, participants first rated their satisfaction from government
agencies and then reported the frequency of behaviors related and unrelated to tax evasion. In
the high salience condition, participants first reported the frequency of behaviors related to tax
reporting and only then rated their satisfaction level from government authorities. Lastly,

participants reported their demographics and were thanked for their participation.
Results and Discussion

| found that participants in the low salience condition reported less tax evasion
behaviors (M = 1.39, SD = .45) compared to participants in the high salience condition (M =
1.51; SD = .50), t(306) = 2.15, p < .05, ne> = 0.014. In addition, there was no statistically
significant difference in satisfaction ratings between the low salience condition (M = 2.74, SD
= .70) compared to the high salience condition (M = 2.81; SD =.81), t(306) = —0.75, p = .45,
Mp? = 0.002.

To test hypothesis H1.5 (i.e., self-employed would be less satisfied with business and
tax-relevant authorities when their tax evasion behaviors were high and made salient), | ran an
ANOVA with the cheating rate (low versus high) and condition (low versus high salience) as
independent variables and satisfaction rating as a dependent variable. Because the cheating rate
is a continuous variable, | divided the cheating into high and low levels based on several
different criteria: first, | tested differences between cheating rate that is lower/higher than the
scale's midpoint (2.5 on the 1-5 scale). Second, | defined the low/high cheating rate based on
the mean of the cheating rate and the median. The analysis of the interaction on the level of
satisfaction was significant only when low and high cheating rated were defined based on the
median (Mdcheating rate = 1.30), F(1,305) = 6.61, p < .05. However, the interaction on the level
of satisfaction was not significant based on the scale's midpoint, F(1,305) = .13, p = .71, or
based on the mean (Mcheating rate= 1.45), F(1,305) = .38, p = .54.

Because the cheating rate is a continuous variable, and in order to examine hypothesis
H1.6, | also tested the main effect of the correlation between perceived severity and job
satisfaction in each condition. To test the hypotheses, | used PROCESS (Model 1 in Hayes,
2017) with task order as a moderator for the effect of tax evasion on satisfaction from
government authorities. The model was statistically significant, F (3, 305)=3.11, p <.05, when
using the combined ratings of the relevant authorities (e.g., tax authorities, VAT authorities,
social security, small business agency, registrar of companies; Cronbach's o = .80). However,

the interaction was not significant (b = -.31, SE = .21, p = .14). As figure 1.3 illustrates, there
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was a significant and negative correlation between the extent of engagement in tax evasion and
satisfaction rating in the high salience condition, b = -.22, SE = .16, p < .01, while in the low
salience condition, the correlation was not significant, b = -.07, SE = .14, p = .38.

Figure 1.3. Effect of tax evasion on satisfaction rating of government authorities

Condition

—— High salience
Low salience

Satisfaction rating

20 25 30

Cheating rate

Results were significant also when considering only authorities that deal directly with
taxes (i.e., tax authority, VAT authority, social security). A PROCESS analysis (Model 1 in
Hayes, 2017) with task order as a moderator for the effect of tax evasion on satisfaction from
government authorities, was statistically significant, F (F (3, 305)= 3.11, p < .05), with a non-
significant interaction, b = -.32, SE = .25, p = .21. The correlation between cheating level and
satisfaction rating in the high salience condition was significant b = -.22, SE = .19, p < .05,
while in the low salience condition, the correlation was not significant, b = -.08, SE = .17, p =
29.

When participants first recalled their unethical behavior and only then indicated their
satisfaction with different authorities (high salience condition), they expressed lower ratings
for the tax-related authorities the more they reported having engaged in tax evasion.
Importantly, consistent with hypothesis H1.6, the effect was significant only for tax-relevant

authorities, and not for tax-unrelated authorities, F (3,305) = .99, p = .40.

Considered jointly, the results of the study are mixed and do not fully support the
hypotheses. Hypothesis H1.5 is not supported, and the interaction of the moderation model
(Figure 1.3) was not significant. A possible explanation for these mixed findings is that the
average reported cheating rate was relatively low (M = 1.45), with 36% of participants

reporting higher than average cheating rate and only a few participants reporting a cheating
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rate higher than the scale's midpoint (5.6% of participants). Future studies can use a larger
sample to achieve more conclusive results. In addition, since taxpayers may be less inclined to
report their tax evasion, it may be useful to ask participants to recall and write their tax-related
behaviors (similar to studies 1.2-1.3) instead of using a list of behaviors that may be perceived

as illegal.

Although not fully supported, it is still evident that an increase in the extent and saliency
of cheating has a negative effect on subsequent evaluations and judgments of the organization
towards which the transgression was targeted. More specifically, self-employed workers rated
tax-related authorities more negatively the more salient (and frequently reported) their tax-
evasion acts were. It appears that participants attempted to distance themselves from their
unethical actions of tax evasion, presumably to justify their transgressions, thereby decreasing
their ethical dissonance and preserving their moral self-image (Mazar et al., 2008).
Interestingly, a negative correlation between tax evasion and satisfaction level was relevant
only to tax-related authorities, implying that negative judgment is limited to those that were
cheated. In addition, the results challenge the common notion that people engage in tax evasion
due to low satisfaction levels with public policy and the quality of their relationship with the
authorities (Dell’Anno, 2009). If this was the case, the low salience condition results would
suggest a similar negative correlation between the satisfaction level of self-employed and tax
evasion. In addition, we would expect to find a negative correlation between tax evasion to
other governmental authorities, expressing a low satisfaction level from public policy in

general and not necessarily only with tax-related authorities.
General Discussion

The research sheds light on an important and understudied phenomenon: how people judge
organizations they have cheated. In four experiments, | show that when people behave
unethically, they tend to judge the victim more harshly, presumably to distance themselves,
and thus justify their transgression. Employees rated their workplace less favorably when the
perceived severity of their unethical behavior or the frequency of their misbehaviors increased
(hypotheses H1.1-H1.2 and H1.3-H1.4). However, there was no significant correlation between
the perceived prevalence of unethical behavior among peers and satisfaction level. Although it
is possible that participants found relatively common behaviors easier to justify, and therefore
did not feel the need to use post-justifications such as distancing account (Shalvi et al., 2015),
future studies might explore this aspect to better understand the boundary conditions of the

phenomenon. Research might also examine whether informing people of the desire social
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norms and what others are doing (i.e., descriptive norms; Ayal et al., 2019), not only relying

on their own perception, will influence the subsequent judgment of those they have cheated.

In addition, I found a significant negative correlation between cheating and ratings only
in the high salience condition, thus refuting a reverse-causality argument whereby people judge
the victim negatively and therefore are more willing to cheat. The results were consistent in
both organizational settings of employees toward their workplace and self-employed toward
tax-related authorities (hypothesis H1.6). However, the findings did not fully support
hypothesis H1.5. The satisfaction level of self-employed with a high cheating level in the high
salience condition was significantly different from other participants, only when the median of
cheating determined the level of cheating (low or high). The findings may suggest that contrary
to previous studies (e.g., Dell’ Anno, 2009) and common beliefs among the general public, it is
not necessarily the low satisfaction from public policy that drives tax evasion but rather the
opposite. Meaning, for some people, it is possible that tax evasion impacts their low satisfaction
from public policy and trust in tax authorities. However, due to the inconsistency in findings,

further studies are needed to address the issue.

The research adds to the extant literature by considering not only the direct costs of
unethical behavior (e.g., lost revenues) but also its lingering, less direct effects on judgments
and word of mouth in long-term relationships, such as with an employer or the government.
By revealing these lingering effects, the research underscores the importance of developing
effective policies that mitigate unethical behavior and its effects. For example, my findings
imply that policies directed to increase trust and satisfaction among taxpayers and employees
have to consider the impact of organizations' unethical behaviors. Also, organizations need to
consider a setting that increases the salience of morality and previous behaviors to discourage
people from cheating and sever the tie between cheating and subsequent negative judgments
(Ayal et al., 2015).

Furthermore, the research findings have important implications for organizations
because of the systematic effects that a person’s cheating may have on how they communicate
with others about the organization they cheated. In todays’ digital environment, organizations
are subject to public opinion in the form of online reviews, blogs, social media, and internet
forums (Chuang, 2020), and a cheating individual who decides to harm the victim of their
transgression can do so. My findings suggest that these communications may be negatively

biased because unethical individuals may distance themselves from their acts to restore their
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moral self-image. However, the extent of this phenomenon is unclear because unethical people
may choose not to communicate their opinions about the victims. Future studies might examine
this conjecture to better understand the direct and indirect impacts of unethical behavior on
online and offline person-generated communication. A particularly fruitful avenue may be to
explore the link between employee dishonesty, the employee’s communications regarding their

employer, and recipients’ opinion of that employer.
Limitations and future research directions

The research contributes to the knowledge on the consequences of unethical behavior by being
the first to examine its effect on subsequent judgment of the victim. Although my findings
suggest that people tend to distance themselves by judging their victims harshly, further studies
are needed to reinforce the findings. In addition, a better understanding of the underlying
mechanism driving the effect is still needed. For example, manipulating the ability to justify
the unethical behavior may support the distancing-based process by revealing whether other
mechanisms, such as guilt, are being evoked when it is not possible to justify the act and blame
the target of their transgression. | will address the potential moderating role of the ability to

justify misbehavior in chapter 2.

In addition, this research explored individuals' subsequent behavior of the victim in
long-term interactions that characterize organizations such as workplaces and governmental
entities. However, future research may examine whether the pattern still holds in one-time
interactions, such as when using a product or service. Exploring the impact of one-time
interactions in the marketing realm can be especially insightful since cheating can impact a
brand's ability to transform one-time interaction into an affective commitment and behavioral
loyalty (Steenhaut & Van Kenhove, 2005). Moreover, previous studies suggest that unethical
behaviors can be examined by whether people are taking active or passive advantage of the act
and by the existence of a salient victim (Muncy & Vitell, 1992). Future research may aim to
uncover these factors and the moderating effect they may have on subsequent judgment of the

victim.
Conclusion

In conclusion, this research uncovers an unexplored consequence of unethical behavior, which

is how people judge those they have cheated. Behaving unethically may encourage people to

distance themselves and harshly judge their victims, providing lower ratings and potentially

causing further harm to those they have already cheated. This research provides important
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implications for those responsible for maintaining an organization’s image in the minds of the
employees and the general public. It also has potential implications for policy in general:
lenient policies that put less focus on preventing or enforcing unethical behavior, perhaps with
the intention of conferring more trust on the regulated parties, actually expose themselves to a
paradoxical effect — the more unethical behaviors they allow, the more unethical behaviors they

invite, which can then lead to less favorable evaluations of the organization.
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Chapter 2
Consumer's Unethical Behavior, Self-

Justification, and Subsequent Judgments

Abstract

How do consumers judge those they have cheated? Brands and retailers aim to build a strong
consumer-brand relationship to gain loyal customers who serve as brand advocates and
recommend it to others. However, although previous studies suggest that many customers
behave unethically, it is unclear whether these misbehaviors impact their subsequent judgments
of the brand and the possible underlying mechanism that drives the effect. In five studies, | test
the impact of unethical behavior in common consumption situations and examine possible
factors that moderate it. Study 2.1 provides a partial support for the distancing account, in
which consumers tend to harshly judge those they have cheated. However, the tendency to
harshly judge the victim of their transgression is only relevant when people can justify the
cheating (Study 2.2). In addition, | find support for the moderating role of moral credentials
(Study 2.3) and how consumers tend to increase their profit when passively benefit from
cheating (Studies 2.4 and 2.5). These findings carry important managerial implications because

they impact word of mouth and reveal boundary conditions to the phenomenon in general.
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Introduction

How do consumers judge those they have cheated? Consider a shopper who uses a self-
checkout cashier at the supermarket and shoplifts by not scanning an item. Will this unethical
act influence the shopper's judgment of the supermarket? When asked to rate the supermarket,
will having "cheated" impact the shopper's evaluation? While much research has focused on
the reasons, antecedents, and remedies for unethical consumer behavior (e.g., Ayal, Hochman
& Avriely, 2016; Gerlach, Teodorescu, & Hertwig, 2019), | examine an important, yet under-
studied consequence of dishonesty — consumers' judgment and reviews of sellers, vendors, or
organizations they have cheated. Given that 64% of consumers are estimated to have engaged
in unethical consumption at some point in their lives (Farmer & Dawson, 2017) and because
consumers' judgments drive brand perception and online reviews, understanding whether

unethical behavior has systematic subsequent influences is important.

While many interactions in the marketing realm could be one-time incidents, vendors
and sellers aim to develop relationships with the customers and transform those interactions
into affective loyalty (Steenhaut & Van Kenhove, 2005). However, due to the unique
characteristics of one-time interactions (e.g., lack of commitment, the vendor's anonymity;
Gino, Shu, & Bazerman, 2010), the impact of unethical behavior on subsequent judgments and
behaviors may differ from other contexts. Moreover, while the behavioral ethics field considers
self-justification as a way to mitigate the threat to the moral self-image (Shalvi, Gino, Barkan,
& Ayal, 2015), its moderating role in the impact of unethical behavior on subsequent judgments
is still unclear. The ease with which people can justify their cheating may have a significant
moderating effect and thus implications to business and marketing strategies, as well as for

policymakers.
Unethical Consumption

Unethical consumption includes acts that "violate the generally accepted norms of conduct in
consumption situations, and thus disrupt the consumption order" (Fullerton & Punj, 2004, p.
1239). These acts include a myriad of behavior in an online and offline environment, ranging
from lying about a child's age to receive a lower price, through not saying anything when
receiving too much change, all the way to shoplifting and insurance frauds (Vitell & Muncy,
2005). Although many mundane ethical violations are small enough so that consumers can
easily justify them to themselves (Shalvi, Eldar & Bereby-Meyer, 2012), they nonetheless

account for billions of dollars in lost revenues annually. For example, recent data suggests that
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"wardrobing™ (using clothes once, then returning them for a full refund) costs the U.S. retail
industry an estimated $10.2 billion annually (National Retail Federation, 2020), shoplifting and
employee theft account for $42 billion lost in retail revenue (Taylor, 2016), with an estimated
loss of £246 million to convenience stores in 2018 due to unethical acts of customers
(Association of Convenience Stores, 2019). In addition, illegal software downloads totaled
$46.3 billion globally in 2018 alone (Business Software Alliance, 2018).

According to Muncy & Vitell (1992), one way to classify dishonest actions in the
marketing realm is by evaluating them based on two variables — taking active or passive
advantage of the action and the existence of a salient victim. As a result, unethical practices
can be divided into four categories: The first one, 'actively benefiting from illegal activity,
comprises actions that are initiated by the consumer and are almost universally perceived as
illegal (e.g., shoplifting). The second, 'passively benefiting at the expense of others', involves
taking advantage of a seller's mistake (e.g., receiving too much change and not saying
anything). The third, 'actively benefiting from a questionable action’, includes actions that may
not necessarily be perceived as illegal but still harm the seller in some way (e.g., accidentally
damaging an item and not saying anything). The last one, 'no harm/no foul', includes actions
that do little or no harm (e.g., trying on clothes for two hours and not buying anything
eventually, or working for few hours in a not too crowded coffee shop over a small cup of

coffee).

Most of the everyday questionable acts from consumer and marketing domains fit in
the second and third categories and may sometimes refer to small actions in the first category
(i.e., shoplifting, small theft). These acts represent the “many apples in the barrel that turned
just a little bit bad” (Ayal & Gino, 2011; p. 3) and force retailers to face the increasing costs of
lost merchandise while also allocating more budget in favor of expensive measures for
prevention, detection, and prosecution of such acts (Yaniv, 2009). For example, in 2019, 44%
of retailers in the US allocated additional technology resources and increased their loss
prevention budget (NRF, 2019). Preventative measures include technology-based solutions
such as facial recognition or RFID tags, intervention by security staff (Potdar, Guthrie, Gnoth,
& Garry, 2018), and store design to signal consumers about norms and deter them from
unethical behavior (e.g., using signs, symbols, lights, and specific colors) (Fombelle et al.
2020).
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However, according to recent data, consumer misbehavior is on the rise
(PriceWaterhouseCooper, 2018), and the effectiveness of current measures is increasingly
being questioned. Thus, there is a growing interest in addressing alternative avenues of
unethical consumption prevention while considering the antecedents of unethical consumption
and the target of the transgression (Potdar et al., 2018). Yet, while research has focused on the
scope and causes of unethical behavior (Ayal et al., 2016; Gerlach et al., 2019; Gino & Ariely,
2016), a better understanding of the impact of unethical behavior on subsequent judgments
may have implications in terms of policies and marketing strategies. For example, a better
understanding of the phenomenon may emphasize the need to shift resources from expensive

preventive measures to more creative marketing efforts along the customer journey.

Subsequent Judgment in Marketing Realm

Consumers' subsequent judgments and behaviors toward the firm they have harmed may have
a significant impact in the marketing realm. For example, consumer satisfaction levels from a
product or a seller may differ depending on whether they purchased or consumed the
product/service ethically or not. Similarly, consumers' loyalty to a brand, the nature of reviews
consumers may post online, their inclination to repurchase the same product or brand, and other
related behaviors may also be affected by whether they consumed the product ethically or not.
Consider, for example, the consumer that shoplifted by not scanning an item in the self-
checkout cashier at the supermarket. It is unclear whether that consumer (compared to one who
did not engage in any unethical consumption) would exhibit a different level of satisfaction
from the supermarket, or whether they would be more or less likely to provide an online review
for that supermarket and repurchase from it again.

Most of the studies that have explored possible consequences of unethical consumption
focused mainly on the effects of unethical behavior on post-cheating emotional reactions (e.g.,
Ruedy, Moore, Gino, & Schweitzer, 2013), the propensity for prosocial activities towards other
entities, such as donations to charity or volunteering (Gneezy, Imas & Madarasz, 2012), and
the impact of unethical behavior on guilt and guilt-relief (Cohen, Wolf, Panter & Insko, 2011,
Xu, Be'gue & Bushman, 2012). One study explored the phenomenon of emotional accounting,
in which consumers who possessed "negatively tagged money™ (i.e., obtained illegally)
preferred to use it for more virtuous causes, such as to fund someone's education (Levav &
McGraw, 2009). Critically, however, these studies all focused on the effects of unethical

behavior on people's subsequent behavior outside the context of their transgression, and
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typically do not consider how unethical consumption can impact consumers' judgments and

behaviors towards the very entity (brand, vendor, or a firm) that have wronged.

In the first chapter, | experimentally contrasted the two opposing accounts as to how
cheating may affect people's subsequent judgment of the victims in an organizational context.
According to the first account, unethical acts may elicit guilt (Cohen et al., 2011; Gneezy et
al., 2012; Xu et al., 2012). As a negative moral emotion, guilt may serve as a way to deter
people from behaving unethically due to anticipated guilt (Hatch & Kugler, 2019). However,
if people already engaged in unethical behavior, guilt may encourage reparative actions and
prosocial behaviors in order to "balance the scale™ (Cohen et al., 2011; Tracy & Robins, 2007).
Prosocial behaviors include compliance with direct requested for help and the willingness to
donate time or resources (Shu & Gino, 2012). This account suggests that the shoplifter from
the previous example would judge and evaluate the supermarket more favorably to reduce
feelings of guilt. Notably, unethical individuals may justify their actions and, therefore, will
not regard their actions as unethical. In such cases, cheating will not elicit guilt and subsequent
compensatory steps (Hofmann, Wisneski, Brandt, & Skitka, 2014), and therefore will not

influence their subsequent judgments.

According to the second account, people sometimes find it difficult to justify their
misconduct. They, therefore, distance themselves from their own actions, preferring to harshly
judge others so they can view themselves as "ultra-moral™ (Barkan, Ayal, Gino, & Ariely, 2012;
Shalvi et al., 2015). In other words, people tend to behave consistently with their past moral
history and decisions, and so they will act more immorally following an initial immoral
behavior (Schwabe, Dose, & Walsh, 2018). Alternatively, they may do so when they want to
reassure and, possibly, update their own beliefs about themselves based on their prior actions
(Ariely & Norton, 2008). This pattern suggests that people will judge their victim more
negatively to preserve a sense of moral self-consistency (Jussim, Yen, & Aiello, 1995). The
tendency to judge the victim more negatively is also consistent with the Moral Disengagement
theory, which posits that people can selectively disengage moral self-regulation (for instance,
by attributing the blame to the victim and their actions) and to make unethical acts more socially
or morally acceptable (Bandura, 1999). This opposing account suggests that a shoplifter would
judge and evaluate the supermarket more negatively, trying to distance themselves from the
object of their transgression.
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According to the findings from the first chapter, when people behave unethically,
whether their victim is workplace (Studies 1.1-1.3), or governmental authority (Study 1.4), they
tend to judge the victim more harshly, presumably to distance themselves and thus justify their
transgression. However, it is still unclear if the pattern is relevant only to long-term interactions
or also relevant in one-time interactions, such as when using a product or service. Exploring
the impact of one-time interactions in the marketing context can be especially insightful since
cheating can impact a brand's ability to transform one-time interactions into an affective

commitment and behavioral loyalty (Steenhaut & Van Kenhove, 2005).

Moreover, even if people's tendency to distance themselves from the misconduct can
be replicated in the marketing realm, the underlying mechanism driving the effect is still
unclear. As a self-justification mechanism, distancing is a technique used to decrease ethical
dissonance and restore moral self-image (Shalvi et al., 2015). Therefore, the ability to justify
unethical behavior can moderate the effect and the ability to judge the victim harshly after

behaving unethically.
Distancing as a Self-Justification Mechanism

Research shows that ordinary people who perceive themselves as honest frequently break their
own moral code: they lie (almost every day), bend rules, and cut corners for profit (Mazar,
Amir, & Ariely, 2008). However, the tension people may feel between two competing
motivations: gaining from cheating and maintaining a positive moral self-image, may result in
ethical dissonance (Ayal & Gino, 2011; Barkan et al., 2012; Shalvi, Dana, Handgraaf & De
Dreu, 2011). In order to avoid anticipated or experienced ethical dissonance, people may use
various justifications before or after engaging in unethical behavior (Shalvi et al., 2015).
Interestingly, while justifications protect people from psychological tension and restore their
moral self-image, they also enable people to behave unethically by distorting their sense of
morality (Barkan, Ayal & Ariely, 2015).

Distancing as a self-justification mechanism is a technique used to decrease ethical
dissonance and restore moral self-image. Thus, to employ it, people need to have the ability to
justify unethical acts. This suggests that the ability to justify can have a moderating role in the
impact of unethical behavior on subsequent judgments and behaviors. Meaning, it is possible
that when cheating is hard to justify (i.e., cheating is blatant), people may not distance
themselves from the act by blaming their victims and instead will attribute their cheating to
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themselves or try to atone for their act outside the context of their transgression (Shalvi et al.,
2015).

The effect of unethical behavior on distancing may also be moderated by previous
behaviors and the possibility of using moral licensing to reconstruct the acts as ambiguous and
not immoral (Miller & Effron, 2010). Past research suggests that moral licensing can be
achieved using "moral credentials” (Effron, Cameron, & Moni, 2009). Meaning, people who
behave morally in one decision may be more likely to construe later moral transgressions as
less unethical, having previously established credentials that show they are a moral decision-
maker. In this way, people may evaluate that they can act unethically without signaling

something morally discrediting about themselves (Miller & Effron, 2010).

An additional factor that can moderate the effect of unethical behavior on subsequent
judgments is whether or not the consumer actively sought an advantage or was basically
passive. Previous research suggests that consumers tend to believe that it is more unethical to
actively benefit from an illegal activity than to benefit from it passively (Vitell & Muncy,
1992). Meaning, consumers tend to think that as long as they do not initiate the action, and
instead gain from it passively by saying nothing and letting the seller make the mistake (e.g.,
getting too much change, receiving an unjustified discount, or given an item for free by

mistake) then it is not as wrong or unethical (Muncy & Vitell, 1992).

| designed five experiments to examine if the distancing account can explain how
consumers' unethical behavior impacts their judgments in the marketing realm and better
understand the underlying mechanism driving the effect and factors that may moderate it. I find
that consistent with organizational context, consumers tend to harshly judge those they have
cheated (Study 2.1). Providing further support for the distancing account, | find that when
cheating became hard to justify, the extent of cheating did not affect judgments (Study 2.2).
Additionally, | find support for the moderating role of both moral credentials (Study 2.3) and
how consumers tend to increase their profit when passively benefit from cheating (Studies 2.4-
2.5). Interestingly, I find no evidence for an effect on guilt or subsequent prosocial behavior
(Studies 2.2 and 2.3).

Study 2.1 — How unethical consumers judge a product

In the first study, | examined the common everyday situation where a person can gain a

monetary benefit by cheating the seller or vendor of a product they use. To simulate this
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situation, I had participants “test” a new product, a mobile app, for an alleged developer and
rated it as part of a usability study for the app. Critically, in the cheating condition, participants
could use the app unethically to earn more money, while in a control condition, they could not.
Controlling participants’ actual earnings, I compared participants’ ratings of the app in the two
conditions to determine whether participants’ judgments in the cheating condition would be
more positive or more negative following unethical behavior than participants’ judgments in

the control condition.

Based on previous studies and results from the first chapter (studies 1.2-1.4), |
hypothesized that people who cheat more would more harshly judge the target of their

transgression (Mazar et al., 2008; Shalvi et al., 2015). Formally, | predict that:

H2.1 People who earn more money by cheating (cheating condition) will report the lowest
satisfaction level with the app compared to people who earn less money by cheating, and
compared to people who earn money (low or high amount) without cheating (control
condition).

H2.2 The effect of condition (cheating or control) on the general rating of the app will be

mediated by the earnings.

H2.3 There will be a significant negative correlation between earnings and general rating only
in the cheating condition.

Method

Participants. | recruited 201 participants (65% male, Mage = 35.0, SD = 7.45) from
Amazon Mechanical Turk. Because the use of the app requires accurate vision, | asked
participants to confirm that their vision was normal or corrected-to-normal. Participants
received a base pay of $0.05 and a bonus payment of between $0.20 to $2, depending on their
performance. The study used two incentive conditions (control and cheating), with
approximately 100 participants in each condition.

Design and Procedure. Participants were invited to take part in a usability study of a
new mobile app using their mobile phones. The app was based on the “dots task,” which
previous research has used to measure dishonesty (Gino, Norton, & Ariely, 2010; Hochman,
Glockner, Fiedler, & Ayal, 2016; Kouchaki & Smith, 2014). The app repeatedly displayed, for

two seconds, two squares, one containing 25 dots and the other containing 22 dots (Figure 2.1).
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Figure 2.1. Image of the mobile app dots task used in Study 1.
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Participants were asked to indicate which square contained more dots under two payoff
structures (conditions). In the control condition, participants were told they would receive
$0.10 for each correct response and $0.01 for each incorrect response. By contrast, in the
cheating condition, participants were told they would receive $0.10 if they respond that the
right-hand side had more dots and $0.01 if they respond that the left-hand side had more dots.
This payoff structure disregards the actual correct choices and has been found to induce
cheating behavior (e.g., Hochman et al., 2016). Nevertheless, in both conditions, participants
were explicitly instructed always to choose the side containing more dots. Thus, in the cheating
condition, participants knew that a violation of the accuracy instructions would increase their
gains unethically. After reading these instructions, participants performed ten practice trials
with accuracy feedback. Then they all completed 20 test trials, in a randomized order, under
the payoff structure in the condition to which they were randomly allocated. When they
completed the task, they were asked to rate how much they liked the app overall (on a 5-star
scale), and to also rate the app on nine metrics, including evaluation of its features (graphic
design, the difficulty of the task, app's ease of use, responsiveness of the app, and overall
performance), and the likelihood of future interaction with the app (play the app again,
download the free app when available, willingness to recommend the app to a friend, and
purchase an extended version of the app for $1.99). The nine measures of the app ratings
together with the overall liking rating of the app, showed high internal reliability (Cronbach's
a = .87), so I averaged them to form a composite “general rating” score. Lastly, participants
reported their demographics, were thanked for their participation and paid according to their

performance in their condition when the study was completed.

Results and Discussion

In the study, because the accuracy rates among the control condition participants were
higher (78% correct on average) than the cheating rate in the cheating condition (61% claimed
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as “right” on average), and because the pay for these two responses was the same ($.10),
earnings were higher in the control condition (M = $1.58, SD =.28) than the cheating condition
(M = $1.29, SD = .64), t(199) = 4.03, p < 0.01. However, because my interest is in the
relationship between the extent of cheating (or earning) and subsequent judgments, this result

is inconsequential for my main research question.

| tested the main research question by comparing the relation between earnings and
subsequent app judgments in the cheating and control conditions. Higher earnings reflect more
cheating in the cheating condition, whereas in the control condition, higher earnings reflect
more accurate performance. | used the correlation in the control condition as a baseline for
when cheating is not possible. To test hypothesis H2.1, | ran an ANOVA with the amount
earned and condition (cheating vs. control group) as independent variables and the general
rating score as a dependent variable. Because the earnings level is a continuous variable, 1
divided the earnings into high and low levels based on the mean of the earnings and the median.
There was a significant interaction between the amount earned and condition based on the
median of earnings (Mdearnings = 1.62), F(1, 197) = 13.73, p < .01. Participants in the cheating
condition with high earnings, reported a low general rating score (M = 3.28, SD = .88)
compared to participant in the cheating condition with low earnings (M = 3.68, SD = .78) and
control condition with high and low earnings (M = 3.99, 3.52; SD = .66, .99). There was also a
significant interaction between the amount earned and the condition based on the mean of
earnings (Meamings = 1.44), F(1,197) = 24.37, p < .01. However, hypothesis H2.2 was not
supported. A mediation analysis using PROCESS method (Model 4 in Hayes, 2017) revealed
a non-significant indirect effect of condition (cheating versus control) on the general rating
score through earnings (mediator), b =-.01, 95% CI [-.07, .08].

To further explore the interaction of amount earned and condition on the general rating
score, | used the PROCESS method (Model 1 in Hayes, 2017). The analysis revealed a
significant moderation effect, F = 11.53, p < .01, with a negative coefficient for the interaction
term, b =-1.74, SE = .32, p < .01. As Figure 2.2 illustrates, and consistent with hypothesis
H2.3, there was a significant negative correlation between earnings and general ratings in the
cheating condition, b = —.21, SE =.13, p < .05, while in the control condition, there was a
significant positive correlation, b = .47, SE = .28, p < .01. In other words, supporting a
distancing account, participants in the cheating condition rated the app less favorably the more
they cheated (and earned from it). In contrast, participants in the control condition rated the

app more favorably the more they earned from it.
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Figure 2.2. The impact of earnings (US$) on general app rating in cheating and control

conditions
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Another interesting comparison is to examine judgments in the cheating and control
conditions as a function of earnings. As Figure 2.2 shows, participants that cheated
significantly (earning more than 1.5 dollars in the cheating condition) rated the app less
favorably than those who earned the same amounts of money in the control group, who could

not cheat.

Considered jointly, while the mediation effect (hypothesis H2.2) was not supported, it
is still evident that the satisfaction level of participants who cheated was significantly lower
compared to other participants (hypothesis H2.1). In addition, there was a negative correlation
between earnings and satisfaction level (hypothesis H2.3). Meaning, the findings, although not
fully supporting the main hypothesis, suggest that cheating was associated with participants
subsequently judging the app more negatively. The findings are consistent with the distancing
account, in which people judge the object of their transgressions more negatively (Barkan et
al., 2012; Shalvi et al., 2015), presumably in order to restore their own moral self-image (Mazar
et al., 2008).

Distancing is a technique used to decrease ethical dissonance, and I find evidence for it
in Study 2.1, in which the task characteristics presented cheaters with the opportunity to justify
the act. However, because distancing is a self-justification mechanism, | speculated that in
cases where it is difficult to justify the unethical action (i.e., cheating is obvious), people would

not use distancing. The aim of Study 2.2 was to employ a moderation-of-process design to test
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the role of distancing by manipulating task difficulty/ease of justification. Moderation-of-
process design is being used when it is relatively easy to manipulate the process but difficult
to measure (Spencer, Zanna, & Fong, 2005).

Study 2.2 — The moderating role of ease of justification

To explore the moderating role of justification, | used the experimental design of Study 2.1 and
modified it to include three levels of discrimination difficulty of the dots task app to manipulate
the ease with which participants could justify their cheating (Hochman et al., 2016). Based on
previous studies, | hypothesized that justification would moderate the previously found

relationship between cheating and rating.

H2.4 In the easy to justify condition (when the task is of hard or medium difficulty), cheating

rates will be higher compared to the hard to justify condition (easy task).

H2.5 There will be a significant negative correlation between cheating rates and the general

rating of the app only in the easy to justify condition.

H2.6 The effect of condition (ease of justification) on the general rating of the app will be

mediated by the cheating rate.
Method

Participants. | recruited 456 participants from Amazon Mechanical Turk (72% female,
Mage = 35, SD = 9.7) who reported having a normal or corrected-to-normal vision. As in Study
2.1, the study was presented as a usability study for a new mobile app. | ensured participants
who took part in Study 1 could not take part in this study. Participants earned a base pay of
$0.05 plus a bonus that depended on their performance. The study used a 2 (incentive
condition: cheating and control) X 3 (ease of justification: easy, medium, and hard) design,

with a minimum of 70 participants in each condition.

Design and Procedure. As in Study 2.1, | used an app that simulates the dots task
(Hochman et al., 2016). Departing from Study 2.1, | allocated all participants to the cheating
condition and manipulated justifiability (vis-a-vis task difficulty) between-subjects. All
participants were tempted to cheat by offering a higher payment for choosing the right-hand
side, regardless of whether this side contained more or fewer dots (i.e., $0.5 for right-hand-side

choices and $0.05 for left-hand-side choices). The square containing more dots always
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contained 25 dots. In the hard-to-justify cheating condition, the square with fewer dots
contained 20 dots (justification was hard because it was easy to correctly choose the square
containing more dots); in the medium-justifiability condition, it contained 22 dots; and in the
easy-to-justify condition, it contained 24 dots (Figure 2.3). | adopted these three levels from

Hochman et al. (2016), who reported that they indeed exhibit decreasing cheating rates.

Figure 2.3. Image of three levels of justifiability

Hard to Justify Medium Justifiability Easy to Justify

| 25 dots ‘ ‘ 20 dots | ‘ 25 dots ‘ ‘ 22 dots ‘ ‘ 25 dots ‘ | 24 dots ‘

All participants played the app and then rated it. The survey included a general
evaluation of the app (on a 5-star scale) and ratings for six specific features. Participants
performed ten practice trials with accuracy feedback and then 25 test trials (in randomized
order). Five trials served as fillers and had a higher number of dots on the right-hand side
(entered as a covariate in the analyses). After completing the dots task, participants rated the
app as in Study 1. The measures showed high internal reliability (Cronbach's o = .87), so |

averaged them to form a general evaluation score.
Results and Discussion

Consistent with hypothesis H2.4, | found that the easier it was to justify cheating (the
more difficult the task was), the more participants cheated, F(2, 453) = 24.67, p < .01. Similar
to the findings of Hochman et al. (2016), participants cheated most in the easy-to-justify
condition (M = 0.59, SD = .26), less in the medium-justifiability condition (M = 0.45, SD =
.33), and least in the hard-to-justify condition (M = 0.33, SD = .36).

Critically, as Figure 2.4 shows, participants in the easy-to-justify condition, who
cheated more (and thus earned more money), were least satisfied with the app (M = 3.23, SD
= 0.99), followed by those in the medium-justifiability condition (M = 3.26, SD = 1.10) and
those in the hard-to-justify condition (M = 3.33, SD = 0.98). A linear regression analysis
revealed a negative correlation between cheating level and ratings, b = —.14, F(1, 454) = 8.25,

p < .01. To control for variance in participants' performance, | used as a covariate the sum of
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their correct answers on the ten practice trials and 5 test trials in which there was a higher
incentive for choosing the side with more dots in the app. To examine hypothesis H2.5, | Used
the PROCESS method (Model 1 in Hayes, 2017), with the condition as a moderator for the
effect of cheating rate on rating, | found that the model was significant, F(4, 451) = 3.32, p <
.05, F(3, 452) = 3.39, p < .05, Importantly, there was a significant and negative correlation
between cheating and ratings in both the easy-justifiability condition, b = -.17, SE = .29, p <
.05, and medium-justifiability condition, b = —19, SE = .27, p < .05, while there was no
significant correlation in the hard-to-justify condition, b = —.10, SE = .22, p = .65. These
findings support hypothesis H2.5.

Figure 2.4. Cheating rate and ratings by ease of justification condition
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In order to test hypothesis H2.6 and estimate the direct effect of the condition (ease of
justification) on the general rating score, and the indirect effect of the cheating rate as mediator,
| performed a mediation analysis using PROCESS method (Model 4 in Hayes, 2017). Results
indicated that condition was a significant predictor of cheating rate, b = .31, SE =.02, 95% CI
[.09, .16], p < .01, and that cheating rate was a significant predictor of general rating score, b
=-.14, SE = .15, 95% CI [-.72, -.12], p < .01. Condition was no longer a significant predictor
of general rating score after controlling for the mediator, cheating rate, b = .01, SE = .06, 95%

CI[-.11, .13], p = .91, consistent with complete mediation.

The results support my hypotheses. In the easy and medium justifiability conditions,
the cheating levels were higher than in the hard-to-justify condition. Critically, only in the easy

and medium justifiability conditions were the correlations between cheating level and app

! This pattern of results replicated also after removing the covariate.
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rating negative. In these conditions, participants who earned more (because they cheated more)
rated the app less favorably than those who cheated less. In other words, the target suffered

twice: they were cheated and were judged negatively.

In support of the justification account, when justification was relatively easy,
participants who cheated more rated the target more negatively. However, when justification
was hard because cheating was more obvious, cheaters presumably had more difficulty
distancing from the victim and therefore did not rate the target more negatively. Finding that
judgments of the target are more negative only when justification is possible supports the
distancing-based process as the underlying mechanism driving the effect. Importantly, even in
the hard-to-justify condition, in which cheaters could presumably not distance themselves, I
found no evidence for the prediction that cheaters would rate the victim more positively
because they feel guilty for behaving unethically. Put differently, if participants felt any guilt
following their transgression, it did not lead them in this study, or any of the previous studies,
to compensate the target of their transgression by rewarding them with more favorable ratings.

Finally, the results of Study 2.2 also help to refute a reversed causality account, whereby
a target is evaluated negatively, and therefore people allow themselves to subsequently cheat
it. Had this account explained my findings, there should have also been a significant negative
correlation between cheating levels and app ratings in the hard-to-justify condition. The fact
that there was a significant negative correlation between cheating and ratings only in the
medium and easy to justify conditions suggests that cheating drives ratings, and not vice versa.

Study 2.3 — The moderating role of moral credentials

This study aims to explore the moderating role of moral credentials. After behaving morally in
one situation, people are more likely to interpret later moral transgressions as less unethical,
having previously established credentials that show they are moral decision-makers (Effron et
al., 2009). Accordingly, I predict that:

H2.7 People with a high accuracy rate would tend to cheat more only in the hard to justify

condition.

H2.8 There will be no significant correlation between the cheating rate and general rating due

to moral credential.
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H2.9 The effect of condition (ease of justification) on the general rating of the app will be

mediated by the cheating rate.

To explore the moderating role of moral credentials, | used the experimental design of
Studies 2.1 and 2.2 and modified it to include two parts — the first part included an incentive
for accuracy, and the second part included an incentive for cheating. While the first app
provided the possibility to have high accuracy rates (medium degree of difficulty), the second
app varied to an easy-to-justify condition and high-to-justify condition to measure the effect in

both cases.

In addition, in this study, | examine whether people tend to engage in prosocial behavior
following unethical behavior. According to previous studies, misbehavior may evoke guilt
feelings (Cohen et al., 2011) and encourage prosocial behaviors in order to repent for the sins
and "balance the scale” (Tracy & Robins, 2007). Prosocial behaviors include compliance with
requests for help and a higher willingness to donate time or resources (Shu & Gino, 2012).
Importantly, findings in previous studies in this research did not reveal any prosocial behavior
after cheating. Therefore, | predict that:

H2.10 There will be no correlation between the cheating rate and prosocial behavior.

Method

Participants. | recruited 189 participants from Amazon Mechanical Turk (51% female,
Mage = 32, SD = 8.9) who reported having a normal or corrected-to-normal vision. As in Study
2.1, the study was presented as a usability study for a new mobile app. Participants earned a
base pay of $0.05 plus a bonus that depended on their performance. The study used two

conditions (easy and hard to justify), with approximately 100 participants in each condition.

Design and Procedure. As in the last two studies, | used an app that simulates the dots
task (Hochman et al., 2016). However, in this study participants were asked to test two versions
of the app (within-subjects design) and review 25 screens of each version. The first version
was similar to all participants and had no incentive for cheating (incentive per accurate
answers). After completing the task, participants were asked to rate the app (on a 5-star scale)
and were assigned to a second version of the app. In the second app, participants were tempted
to cheat by offering a higher payment for choosing the right-hand side, regardless of whether
this side contained more or fewer dots (i.e., $0.5 for right-hand-side choices and $0.05 for left-

hand-side choices). Participants were randomly assigned to an easy-to-justify condition or
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hard-to-justify condition. In all the versions, the square with more dots contained 25 dots. In
the control version (no incentive for cheating), the square with fewer dots contained 22 dots
(medium difficulty level). In the Cheating versions, | used the same manipulation as in Study
2.2 (based on Hochman et al., 2016). Namely, in the hard-to-justify cheating condition, the
square with fewer dots contained 20 dots (justification was hard because it was easy to correctly
choose the square containing more dots); and in the easy-to-justify condition, it contained 24
dots. As in Study 2, five screens in the cheating versions served as fillers and had a higher
number of dots on the right-hand side (entered as a covariate in my analyses). To make the first
and second versions of the app visually different, the squares in the control version had two
background colors (unlike the while background color in the cheating condition) — the left
square was blue, and the right square yellow.

After participants completed the second version of the app, they were requested to rate
this version as well (on a 5-star scale). Finally, to explore the willingness to engage in prosocial
behavior towards the target of their transgression, participants were asked if they are willing to
donate their time to review some additional screens (with no extra payment) to detect bugs in
the system. Participants were asked how much time (0 seconds — 180 seconds) they are willing

to donate to check those additional screens.

Results and Discussion

Cheating and Accuracy rates. Both cheating and accuracy rates were calculated based
on the 20 screens that varied between the versions and represented either cheating or accuracy
of participants' answers. The average accuracy rate in the control condition was 0.76 (SD =
.14), with a median of 0.79. The average cheating rate in the cheating condition was 0.70 (SD
= .37), with a median of 1.00 (50% of all participants cheated in all the screens to maximize

their profits).

As in Study 2.2, | found that similar to the findings of Hochman et al. (2016),
participants cheated more in the easy-to-justify condition (M = 0.76, SD =.30), and less in the
hard-to-justify condition (M = 0.65, SD = .42), t(187) = 2.20, p < 0.05. Interestingly, using the
PROCESS method (Model 1 in Hayes, 2017), with the condition as a moderator for the effect
of accuracy rate on cheating rate, | found that the model was significant, F = 3.42, p <.05. with
a negative coefficient for the interaction term, b = —.71, SE =.37, p < .05. As Figure 2.5
illustrates and consistent with hypothesis H2.7, there was a significant positive correlation

between accuracy rate and cheating rate in the hard-to-justify condition, b = .69, SE = .29, p <
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.05, while in the easy-to-justify condition, there was a non-significant negative correlation, b =
-.02, SE = .22, p = .91. Meaning, the cheating rates in the easy-to-justify were higher and not
affected by the previous performance, most probably since justification was available also
without moral credentials. However, in the hard-to-justify condition, participants probably
used previous performance to justify cheating since it could be portrayed as an ambiguous and
not immoral act (Miller & Effron, 2010).

Figure 2.5. The impact of performance (accurate rate) in the control condition on the

cheating rate in easy-to justify and hard-to-justify conditions.

Condition

—— Easy to justify
Hard to justify

Cheating rate

0.00

0.25 0.50 0.75 1.00

Accuracy rate

Rating. The average rating of the app in the control condition (M = 3.66, SD =.98), was
significantly higher than the cheating condition (M = 3.22, SD = 1.33), t(189) = 4.39, p < .01.
In addition, the average rating of the app in the easy-to-justify condition (M = 3.79, SD = 1.00)
was significantly higher than the hard-to-justify condition (M = 3.52, SD =.95), t(187) = 1.86,
p < .05. Using the PROCESS method (Model 1 in Hayes, 2017), with the condition as a
moderator for the effect of cheating rate on rating, | found that the model was significant, F =
3.19, p <.05. As Figure 2.6 illustrates, there was a significant negative correlation between the
cheating level and rating in the hard-to-justify condition, b =—-.21, SE = .31, p <.05, while in
the easy-to-justify condition, there was a non-significant negative correlation, b =-.04, SE =
46, p = .69. Meaning, hypothesis H2.8 was not supported. A possible explanation for these
findings is that participants cheated more due to moral credentials in the hard-to-justify
condition. However, it might be that moral credential was still not enough to justify the cheating
and so participants judged the app less favorably in order to distance themselves. Yet, in the
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easy-to-justify condition, participants were able to fully justify the cheating, and therefore their

ratings were not affected by the cheating level.

Figure 2.6. The impact of cheating rates on rating in easy-to cheat and hard to cheat

conditions
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In order to test hypothesis H2.9 and estimate the direct effect of the condition (ease of
justification) on the general rating score, and the indirect effect of the cheating rate as a
mediator, | performed a mediation analysis using PROCESS method (Model 4 in Hayes, 2017).
Results indicated that condition was a significant predictor of cheating rate, b = .32, SE = .05,
95% CI [.01, .22], p < .05, and that cheating rate was a significant predictor of general rating
score, b =-.14, SE = .26, 95% CI [-1.02, -.01], p < .05. The indirect effect of the condition on
the general rating score through cheating was significant, b = -.04, 95% CI [-.12, .00].

Prosocial behavior. The average time participants were willing to donate in order to
review more screens was 56.3 seconds (SD = 58.7), with no significant difference between the
easy-to-justify condition (M = 49.8, SD = 54.8) and the hard-to-justify condition (M = 62.5, SD
=61.9), t(187) = 1.48, p = 0.14. In order to test hypothesis H2.10, | used a linear regression
analysis. The analysis revealed no significant correlation between the cheating level and
willingness to donate additional time, b = —.06, F(1, 187) = 0.72, p = .39. Using a PROCESS
method (Model 1 in Hayes, 2017), with satisfaction level as a covariate, | did not find a
significant moderation effect, F = 2.08, p = .09. In addition, both conditions had no significant
correlation between the cheating rate and willingness to donate additional time to review the

app. The findings support hypothesis H2.10.
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The results support the moderating role of moral credentials. While previous studies
(e.g., Hochman et al., 2016) demonstrated a lower cheating rate among participants in the hard-
to-justify conditions, the findings of this study suggest that previous performance affected the
cheating rate. Meaning, participants with high accuracy rates in the control condition tended to
cheat more in the subsequent task. This is consistent with the notion that people who previously
established credentials that show they behaved morally are more likely to engage later on in
unethical behavior (Miller & Effron, 2010), even if cheating is obvious, as in our study.
Importantly, contrary to the findings in Study 2.2, participants who cheated more in the hard-
to-justify condition rated the app less favorably than those who cheated less. Meaning, while
moral credentials enabled participants to justify the transgression and see it as less unethical,
the dishonesty was not fully justified and led to distancing from the target of the transgression.

In addition, there was no correlation between previous performance and cheating rate
in the easy-to-justify conditions, presumably since participants did not need to establish moral
credentials when justification was already available. However, contrary to findings in Study
2.2, participants' subsequent judgment of the app was not affected by their cheating rates. The
results suggest that moral credentials enabled participants to construe their later misbehavior
as less immoral (Effron et al., 2009) and fully justify it. Lastly, although previous studies
suggest that misbehavior may encourage prosocial behavior (Tracy & Robins, 2007), | found
no indication of prosocial intentions in both conditions. Meaning, even when participants
cheated more, their willingness to engage in prosocial behavior did not change. These findings
reinforce the results from Study 2.2, in which there was no evidence for guilt and subsequent

reparative actions.

Study 2.4 - The moderating role of actively benefiting from

cheating: pretest

In the next set of experiments, | used a different task to check the moderating effect of actively
benefiting from unethical acts. The spot-the-difference task (Gai & Puntoni, 2021) involves
finding exactly three differences between the two images that are simultaneously presented for
a few seconds. Participants received a fixed reward (0.10$) each time they reported that they
found precisely three differences (self-report). Unbeknown to participants, there are three types
of difference trials: three-, two-, and one- difference trials. Therefore, claims of having found
three differences reflect cheating when there are less than three differences between the two

images. The pretest aimed to determine the amount of time needed to evaluate the images.
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Method

Participants. | recruited 109 participants from Prolific (58% female, Mage = 34, SD =
10.1). Because participants were required to identify differences based on small details and
color changes, participants were asked to confirm that their vision was normal or corrected-to-
normal and that they do not suffer from color blindness. Participants earned a total of £0.40 for
the study. The study was similar to all participants, and therefore had a minimum of 100

participants.

Design and Procedure. | used the spot-the-difference task (Gai & Puntoni, 2021). In
the pretest, | presented participants with ten pairs of images with either one, two, or three
differences between them (Figure 2.7). Participants were informed about the number of
differences between each pair of images and were asked to identify the differences as fast as

possible and to click on the 'Next' button when they do.

Figure 2.7. Example of the Spot-the-difference task images

One difference between the images Two differences between the images

Results and Discussion

The pretest included five pairs of images with three differences, three pairs of images
with two differences, and three pairs of images with one difference. The average response time
was significantly different between the screens according to the number of differences in each

pair, so that it was higher as the number of differences increases (Table 2.1).

Table 2.1. Response time (Mean) according to the number of differences between
images

95% Credible Interval

M SD Lower Bound  Upper Bound
One difference 10.13 12.87 7.67 12.60
Two differences 11.99 9.39 10.19 13.79
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Three differences 20.35 16.76 17.13 23.56

The median of the response time varied between the pairs and was higher as the
differences between the images increased (Figure 2.8). Based on the response time from this
pretest, | set a response time of 15 seconds for the subsequent study to provide enough time to
review the screens and detect the differences, but at the same time to limit the response time to
the minimum necessary to encourage cheating (Shalvi et al., 2012). In addition, one pair of
images was eliminated from the pool of questions since the response time was too high (M =
32.5 seconds, SD = 27.3, Mdn = 23), and participants seemed to have difficulties in finding the
differences.

Figure 2.8. Response time (Median) according to the number of differences between

images
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While participants identified the differences between the images, the data in the pretest
suggest that the time in which participants find the differences may vary significantly between
participants. Meaning, in the following study, when a time limit is set, participants may falsely
think they have cheated when indicating they found three differences. Similarly, the difficulty
in finding three differences may cause participants to think that cheating is too obvious and
therefore reduce the cheating level in the cheating condition. Therefore, it is possible that the
results in the following study will include a low level of cheating and will consequently make

it difficult to draw clear conclusions.

Study 2.5 — The moderating role of actively benefiting from cheating

In this study, | examined the moderating role of actively versus passively benefiting at the
expense of others. According to Muncy & Vitell (1992), consumers' beliefs on questionable
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acts are influenced by whether they actively sought advantage at others' expense or were
basically passive. Specifically, consumers tended to believe that it was more unethical to
actively benefit from dishonesty than to passively benefit (Vitell, 2003). To simulate this
situation, I used the spot-the-difference task, with a crossed 2 (cheating, control) X 2 (passive,
active) design. 1 manipulated the ability to gain more money actively or passively by

determining the default answer as a "yes" (passive) or "no" (active).

H2.11 People in the "passively cheating™ condition will have a higher cheating rate compared

to people in the "actively cheating” condition.

H2.12 There will be a positive correlation between cheating and rating in the passive cheating
condition and a negative correlation between cheating and rating in the active cheating

condition.

H2.13 The effect of condition (cheating or control) on the rating will be mediated by cheating

rates.
Method

Participants. | recruited 393 participants from Prolific Academic (51% female, Mage =
31, SD =10.8). As in Study 2.4, | asked participants to confirm that their vision was normal or
corrected-to-normal and that they do not suffer from color blindness. Participants earned a base
pay of £0.10 plus a bonus depended on performance (up to an additional £1.00 bonus payment).
The study used a 2 (cheating and control) X 2 (passive vs. active benefit from dishonesty)

design, with approximately 100 participants in each condition.

Design and Procedure. As in Study 2.4, | used the spot-the-difference task (Gai &
Puntoni, 2021). The task involves finding three differences between the two images that are
simultaneously presented for 15 seconds. Within this time frame, participants were asked to
report whether they found exactly three differences between the two images ("Yes" button to
indicate they found three differences and the "No" button to indicate they did not find three
differences). Participants reviewed ten different pairs of images and earned a fixed reward
(£0.10) each time they reported that the images had three differences. The task had two types
of difference trials: three and two differences trials. Therefore, each claim of having found

three differences reflects cheating when there were only two differences between the images.
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The study was a crossed 2 (cheating/control) x 2 (passive/active) between-subjects
design. The first two conditions were the ability to cheat: in the control condition, participants
received pairs with three differences, and so there was no incentive to cheat to gain more
money; In the cheating condition, most of the pairs (8 out of 10) were with only two differences
and therefore presented an opportunity to cheat to increase gains. Each of the conditions
included two possibilities — "yes" as the default answer (meaning, participants were informed
that if they would not respond, the system would automatically code their response as a "yes"
and they will receive the reward). In the second condition, the "No" was the default answer
(meaning, if participants did not answer after 15 seconds, the system coded the answer as "no"
and participants did not receive their reward). These two conditions represented, in the cheating
condition, two possibilities to cheat in order to increase gains — passively benefiting from
cheating ("yes" as a default answer) and actively benefiting from cheating ("no™ as a default

answer).

Participants first read the task instructions and completed one practice trial with three
differences between the images. After completing the task in one of the four versions
(cheating/control X passive/active), participants were requested to rate the overall liking of the
app (on a 5-star scale) and four features of it: the graphic design, the app's ease of use, the
willingness to play with the app again, and recommend the app to a friend. The four measures
of the app ratings together with the overall liking rating of the app, showed high internal
reliability (Cronbach's a = .81), so I averaged them to form a composite “general rating” score.
Lastly, participants were asked whether they think that people might feel justified to over-
report their actual number of times they could found three differences on a scale of 1-5 (1 — not
at all, 2 — unlikely, 3 — maybe, 4 - probably yes, 5 — definitely yes).

Results and Discussion

Cheating/Accuracy rate. In both conditions (cheating and control), two pairs of images
were identical and had three differences. The two pairs served as a covariate to control for
variance in participants' performance. In the control condition, the additional eight pairs also
had three differences and therefore measured the accuracy rate. In the cheating condition, the
additional eight pairs had only two differences between the two images, and therefore any
response of “yes” for those was considered cheating. As Figure 2.9 illustrates, the accuracy
rates (control condition) and cheating rates (cheating condition) were significantly different, M
= 0.74, 0.42; SD = .17, .30; t(394) = 12.95, p < .01. in addition, consistent with hypothesis
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H2.11, the cheating rates were significantly different between the passive cheating (yes as a
default) and the active cheating (no as default) in the cheating condition, M = 0.53, 0.32; SD =
.28, .28; 1(193) =5.28, p < .01, and the control condition, M =0.79, 0.69; SD = .17, .16; t(199)
=4.26, p <.01.

Figure 2.9. Accuracy/cheating rates according to condition (cheating and condition)

and default answer (passive and active).
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General rating. The rating was significantly higher in the control condition (M = 4.92,
SD = .81) compared to the cheating condition (M = 4.41, SD = .95), t(394) = 5.77, p < 0.01.
However, in the cheating condition, there was no significant difference in the general rating
between the passive condition (M = 4.51, SD = .95) compared to the active condition (M =
4.30, SD = .95), t(394) = 1.50, p = 0.13. Using the PROCESS method (Model 3 in Hayes,
2017), with the two identical pairs as a covariate, revealed that the condition significantly
moderates the effect of accuracy/cheating rate on general rating, F(8,387) = 7.03, p < .01. As
Figure 2.10 illustrates, consistent with hypothesis H2.12, there was a significant positive
correlation between cheating rate (cheating condition) and general ratings in the passive
condition, b = .20, SE =.04, p = .05. In addition, there was a significant positive correlation
between accuracy rate (control condition) and general rating in the passive condition, b = .24,
SE = .06, p < .05. However, there was no significant correlation between cheating rate and
general rating in the active condition, b = .17, SE =.04, p = .10, and between accuracy rate
(control condition) and general rating in the active condition, b = .14, SE = .06, p = .30.
Meaning, when participants could gain benefits in a passive way, either by taking advantage at

the expense of others or not, they were more satisfied as the success rates increased. However,
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when participants had to gain more money actively, they did not rate the app differently based

on their success rates.

Figure 2.10. The impact of accuracy/cheating rate on general app rating in cheating

and control conditions
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In order to test hypothesis H2.13 and to estimate the direct effect of the condition (ease
of justification) on the general rating score, and the indirect effect of the accuracy/cheating rate
as a mediator, | performed a mediation analysis using PROCESS method (Model 4 in Hayes,
2017). Results indicated that condition (cheating or control) was a significant predictor of
accuracy/cheating rate, b = 1.12, SE = .19, 95% CI [2.24, 2.98], p < .01, and that
accuracy/cheating rate was a significant predictor of general rating score, b = .20, SE = .02,
95% CI [.03, .12], p < .05. The indirect effect of the condition on the general rating score
through cheating was significant, b = .22, 95% CI [.08, .37].

Justification to over-report. The average score of justification to over-report was
significantly higher in the cheating condition (M = 4.26, SD = .75) compared to the control
condition (M = 4.11, SD = .85), t(394) = 1.81, p < 0.05. While there was no significant
difference in the score of justification to over-report between the passive and active conditions
when | used as a covariate the cheating rate, there was a negative correlation between the
general rating and justification to over-report score both cheating conditions: in the passively
cheating condition, b = -.20, F(1,95) = 3.76, p < .05, and in the actively cheating condition, b
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=-.19, F(1,96) = 3.55, p < .05. However, in the control conditions, the correlation was not
significant. Interestingly, there was no significant correlation between cheating or accuracy
rates (whether passive or active) and justification to over-report in the app.

The results suggest that when cheating, participants are more willing to take passive
advantage of others than participants who need to gain more benefits actively (Muncy & Vitell,
1992). Also, findings support the moderating role of active versus passive benefiting from
cheating, since participants, based on their cheating level, rated the app differently in the two
conditions. When passively cheating, participants rated the app more favorably as cheating
rates were higher. A possible explanation of the positive correlation is that people tend to
believe that it is less unethically to passively benefit from dishonesty (Vitell, 2003). Therefore,
participants who did not initiate dishonesty were more satisfied as their (justified) gains were
higher. Another possible explanation is that even though participants were passively benefiting
at the expense of others, they felt guilty for doing it and therefore compensate the victim by
providing a more favorable rating (Shu & Gino, 2012). Based on the negative correlation
between rating and the beliefs regarding whether people can justify over-reporting, the guilt
account may better explain the effect. Namely, when participants thought people would not
feel justified to over-report the actual cases they found, they provided a higher ranking. On the
contrary, when they felt that most probably people will justify over-reporting, they felt less
obliged to rate the app favorably. This may suggest that even if the company made the mistake,
participants compensate it by providing higher ranks.

Contrary to hypothesis H2.12, the correlation between the cheating rate and the rating
of the app was not significant in the actively cheated condition. A possible explanation is that
the need to actively change the default answer in order to get more money made the cheating
more obvious and, therefore, harder to justify. Like in Study 2.2, in this case, participants found
it difficult to blame the victim. Another possible explanation for the results is that many
participants did not cheat (the Median of cheating was two screens out of eight, with only 20%
of participants cheating in more than four screens), which may have created a floor effect.

General Discussion

The research enables a better understanding of the important and understudied phenomenon:

how consumers judge those they have cheated. In five experiments, | show that when

consumers behave unethically, they tend to judge the victim harsher, compared to when they

cannot act unethically, and that is presumably done in order to distance themselves, and thus

justify their transgression. The first study explored the impact of unethical behavior on
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subsequent judgments of a new app. The results were not consistent and did not support the
mediation role of cheating (H2.2). However, the findings suggest that people who cheat rate
the target of their transgression significantly lower (H2.1), and more negatively the more they
cheat (hypothesis H2.3). The result suggest that the negative consequence of unethical acts is
likely to be quite pervasive because it happens not only in long-term relationships, such as with

an employer but also in one-time interactions, such as when using a particular product or app.

Also, demonstrating an important boundary condition, | find that the unethical act does
not influence judgments when cheating is “blunter” and hard to justify (Study 2.2). Findings
that judgments are less favorable only when the misbehavior can be justified (hypotheses H2.5-
H2.6) support the distancing-based process as the mechanism that drives the effect. Meaning,
since distancing is a self-justification mechanism, people should be able to use it only when
justification is possible and accordingly judge the victim of their transgression in order to
restore their moral self-image (Shalvi et al., 2015). As in Studies 1.3 and 1.4, this study’s results
refute a reversed causality account whereby a prior negative judgment allows people to cheat
more. If that was the case, one should have found a significant negative correlation between

cheating rate and subsequent rating also in the hard to justify condition.

In addition, | find support for the moderating role of moral credentials (Study 2.3;
hypothesis H2.7), in which people tend to cheat more after behaving morally (Effron et al.,
2009). Findings suggest a higher cheating rate, although cheating was hard to justify after
performing well in the control condition. Meaning, contrary to previous studies that indicate
that people tend to cheat less when it is harder to justify the misbehaviors (Hochman et al.,
2016) and do not negatively judge the target of their transgression after cheating (Study 2.2),
moral credentials provided the ability to justify the cheating and use a distancing account as a
post justification mechanism. However, while previous studies emphasized the role of actively
benefiting from cheating (Muncy & Vitell, 1992), | find no evidence for the moderating role
of it on the impact of unethical behavior on subsequent judgments of the app (Study 2.5;
hypothesis H2.12). Findings suggest that while cheating rates are higher when passively
benefiting on others' expense, there was no significant difference in the subsequent rating
whether the benefit was acquired actively or passively. Importantly, findings suggest that the

app's overall subsequent rating was significantly lower when given the opportunity to cheat.

The research adds to the extant literature by considering not only the direct costs of

unethical behavior (e.g., lost revenues) but also its less direct effects on customers’ judgments
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and word of mouth. As a result, it may impact long-term marketing strategies and brand
perception. Importantly, it can affect brands' efforts to transform one-time interactions into
effective communication (Steenhaut & Van Kenhove, 2005) and a consumer-brand
relationship to encourage positive emotions and behavioral loyalty (Ghani, 2016; Khamitov,
Wang, & Thomson, 2019). In addition, it may highlight the importance of developing business
and marketing strategies that consider the downside effect of unethical behavior. These
strategies may highlight the importance of making it harder to justify unethical acts or adding
reminders that emphasize the active role consumer have in cheating actions. Also,
organizations can use creative methods throughout the customer journey to minimize the

possible damage to the firm's perception.

In addition, the research informs both the theory and practice of online reviews (Babié,
Sotgiu, De Valck, & Bijmolt, 2016; Chen, & Kirmani, 2015; Chevalier, & Mayzlin, 2006) by
exposing a novel factor that can systematically sway ratings. Given that unethical consumption
appears to be common, with up to 64% of consumers engaging in unethical consumption at
some point in their lives (Farmer & Dawson, 2017), it is likely that many online reviews
originate from unethical consumption. The findings suggest that these reviews may be biased
because unethical consumers may distance themselves from the acts to restore their moral self-
image. However, the extent of this phenomenon is unclear because unethical consumers may
choose not to write reviews. Future studies might examine the direct and indirect impacts of

unethical consumption on the review market.

Lastly, the research suggests implications for policies regarding consumer protection
and fair trade. Since unethical behavior is relevant in different settings (Ayal & Gino, 2011)
and may impact judgments, behaviors, and word of mouth, it is important to inform people
about the possible bias in judgments while interacting with governmental authorities, business
organizations, brands, and workplaces. Also, findings suggest that organizations and brands
may face significant consequences due to unethical behavior, which policymakers may need to
consider going forward. However, to consider policies or interventions that aim to protect
customers and firms, further studies are required to understand the phenomenon and the

boundary conditions better.
Limitations and directions for future research

The research examines the impact of unethical behavior on subsequent judgments and

behaviors in a marketing context. Although the results in study 2.1 were not conclusive in terms
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of mediation of the cheating rate on the effect of the condition on the general rating score, the
findings in other studies (2.2-2.5) supported the distancing account. While a possible
explanation for the lack of mediation effect in study 2.1 can be attributed to the small sample
(N =201), additional studies should examine the distancing response in other tasks used in the

behavioral ethics field (e.g., matrix task, roll a die).

In addition, while the results suggest a distancing-based process as the underlying
mechanism driving the tendency of people to judge their victims harshly, a better understanding
of the mechanics of the distancing process is needed — whether people tend to distance
themselves to relieve ethical dissonance, a moral self-regulation disengagement to reframe the
act as less immoral or attribution of blame to the victim to avoid self-reproach feelings. In
addition, while the ability to withstand threats to the self-concept through moral disengagement
may lead to post-violation justification (Shalvi et al., 2015), it is also possible that using moral
disengagement strategies and strategic forgetting of moral rules to make unethical acts
personally acceptable (Shu, Gino, & Bazerman, 2011) can actually reduce ethical dissonance
and, consequently, the need to justify the action by judging the victim harshly.

Future research may aim to reevaluate the moderating role of actively benefiting from
unethical acts (Muncy & Vitell, 1992). While the findings of Study 2.5 did not support my
hypothesis, it is possible that the task being used (spot-the-difference task; Gai & Puntoni,
2021) or the low cheating rates affected the results. Additional studies can try to better
understand the effect and the role of active versus passive cheating. Another finding in the
research that can be explored in the future is the willingness to engage in prosocial behavior
after behaving immorally (Tracy & Robins, 2007). While | find no evidence of it in Study 2.3,
a further examination might explore the willingness to engage in prosocial behavior in cases
where other justifications are not available (such as distancing in my studies). Furthermore, |
did not manipulate other potential moderating factors such as the size of the potential victim’s
company (Wirtz and McColl-Kennedy 2010) and the victim's identifiability (Gino et al. 2010).
Future studies could examine the effect of transgression toward small, identified companies
(e.g., local grocery shop, café) versus large companies (e.g., supermarket chain) on subsequent

judgments.

Finally, while 1 tested the impact of unethical behavior on subsequent ratings, I did not
address the possible effect on written reviews. Many online reviews are posted on social media

and internet forums (where star ratings are not present) and influence people's behavior and
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firm perception (Zhong & Schweidel, 2020). In addition, verbal reviews contain rich
information about the experience and consumers' sentiments and may differ from a mere rating
(Buschken & Allenby, 2016). However, it is unclear whether subsequent written reviews of
consumers are consistent with their rating or not. Chapter 3 will address this research question
and examine the effect of dishonesty on the sentiments that consumers express, shaping

people's behavior and preferences.
Conclusion

In conclusion, this research explores the consequence of unethical behavior in a marketing
context, that is, how consumers judge those they have cheated. Behaving unethically may
encourage consumers to distance themselves and harshly judge the company, providing lower
ratings and potentially causing further harm to those they have already cheated. In addition, the
research suggests that the ability to justify unethical behavior serves as the underlying
mechanism of the phenomenon. This research offers important implications for marketers,
managers, and policymakers seeking to influence organizations and firms' perceptions and

maintain brand equity.
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Chapter 3
The Impact of Reviews by Unethical

Individuals on Other People's Decisions

Abstract

Although ample research has examined the impact of online written reviews on other people's
decisions and behaviors, it is still unclear whether reviews written after unethical behavior
differ in their influence on readers. Meaning, while previous chapters in this research examined
the impact of unethical behavior on subsequent judgments, further examination is needed to
understand the possible influence of those judgments on other people's behaviors and their
willingness to engage with the victim. In two studies, | test the differences in written review
sentiments between participants who cheated or behaved ethically and whether the different
reviews influence other people's willingness to use the product. In the first study, I use written
reviews collected in previous studies (Studies 2.1 and 2.2) and find support for the distancing
account with more negative sentiments after cheating, but only when there is a possibility to
justify the cheating (Study 3.1). In addition, | find that the willingness to use a product after
reading a review depends on whether the review was written by people who cheated or not
(Study 3.2). These findings suggest important implications in both marketing and
organizational contexts because cheating may lead to possible bias in online reviews and thus
impact the perception and image of brands, organizations, and public service. In addition,
policies dealing with consumer protection and fair trade may need to examine ways to approach

possible bias in online reviews while considering a service or product.
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Introduction

People often share opinions, news, and information with others. The development of online
social media platforms (e.g., Facebook, Instagram, Tumblr) and e-commerce websites (e.g.,
Amazon, eBay, Walmart) provided people with the possibility to share information about
goods, services, and brands (Babi¢, Sotgiu, De Valck, & Bijmolt, 2016; Blackshaw & Nazzaro
2006; Chen, & Kirmani, 2015). People share their experience with a new restaurant, gossip
about their workplace, discuss political issues, or complain about bad government services. As
so, online reviews have become a popular source of information and influence others' opinions
and decision-making (Berger, 2014; Chen & Yuan, 2020; Kudeshia & Kumar, 2017; Moore &
Lafreniere, 2020).

However, while previous research explored online reviews' role in shaping others'
opinions about a product or service (Kudeshia & Kumar, 2017), research has not examined the
impact of unethical behavior on the online written review's nature and sentiments. More
specifically, although unethical behavior is prevalent in different settings, such as
organizations, governmental authorities, and the marketplace (Ayal & Gino, 2011), it is still
unclear if unethical behavior impacts the subsequent judgments of the victim and eventually
other people's decisions and behaviors. Studies show that people tend to read the text of
multiple online written reviews (Chevalier and Mayzlin, 2006; Murphy, 2019) and that their
perception of organizations and government is based not only upon their personal experience
but also on word of mouth (Houston, Aitalieva, Morelock, & Shults, 2016). Meaning, unethical
behavior may have far-reaching implications in terms of the perception and reputation of
organizations. It may impact the public trust and the ability of the government to implement
public policies (Gordon, 2000) and even jeopardize the efforts of firms to recruit skilled
employees.

Online Reviews

Studies have shown that word-of-mouth (WOM) communication is more persuasive than
traditional marketing actions because it is perceived as independent and more trustworthy
(Ivanova & Scholz, 2017; Nielsen, 2015; Trusov, Bucklin, & Pauwels, 2009). With the rise of
the Internet and online communication, WOM took the form of online reviews (also referred
to as electronic word-of-mouth, eWOM; Ismagilova, Slade, Rana, & Dwivedi, 2019) and
became accessible worldwide with more reviews and opinions compared to close personal

contacts (Reimer & Benkenstein, 2016). People are increasingly relying on online reviews for
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their search of information and view them not only as guidance for purchasing everyday
products, such as books or movies, but also in more essential decisions such as medical and
financial products (Hu, Bose, Koh, & Liu, 2012; Kostyra, Reiner, Natter, & Klapper, 2016;
Packard & Berger, 2017).

Although online reviews refer to both ratings (usually based on a 5-point scale) and text
reviews, there is a distinct difference between the two types (Chen & Yuan, 2020; Jia, 2018).
While useful, the star rating is a straightforward indicator of performance. However, written
reviews provide room for people to express sentiments, describe their experience and the extent
to which they are satisfied with the product or service (Jia, 2018). Further, on a typical review
platform, star ratings tend to converge as more reviews are posted, making it less meaningful
for people that find it challenging to rely solely on the average star rating (Zhang, Zhao,
Cheung, & Lee, 2014).

In addition, star rating and written review may be inconsistent in terms of positive and
negative opinions. It is possible for a star rating to be extremely high or low while the written
review be mixed, with both negative and positive text, or even contrary to what is expressed in
the star rating. Lack of match between star ratings and text may indicate that the sender is not
an expert who can accurately describe the product (Chen & Yuan, 2020; Moore & Lafreniere,
2020). Hence, inconsistencies between a reviewer's rating and written review will likely reduce
the review's perceived helpfulness by raising concerns about the reviewer's ability and even
their willingness to tell the truth (Schlosser, 2011).

Notably, while consumer written reviews can be considered an extension of the ratings
since they allow people to express opinions on different aspects of a product or service
(Buschken & Allenby, 2016), they can sometimes be found separately without a star rating.
The growth of digital usage has created new platforms such as blogs, social media, and internet
forums, where people can share their opinions towards firms, brands, or events with a
significant effect on firms or brands image, customer's preferences, and purchase intention
(Chuang, 2020; Kauffmann, Peral, Gil, Ferrandez, Sellers, & Mora, 2019). For example, recent
studies show that nearly fifty percent of the shoppers reported reading text reviews before

making a purchase decision (Tata, Prashar, & Gupta, 2020).

Despite evidence that written reviews are not necessarily consistent with star ratings
and that people read the text of online written reviews rather than rely solely upon average star

rating (Chevalier and Mayzlin, 2006), much of the research until recently focused on the star
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rating and tended to ignore the written content due to the costs and efforts in measuring it
(Babi¢ et al. 2016; Forman, Ghose, & Wiesenfeld, 2008; Netzer, Feldman, Goldenberg, &
Fresko, 2012; Sen & Lerman, 2007). However, recent research shows that written reviews
contain sentiments and information not evident in the star rating and are important while
seeking a better evaluation of products and making decisions (Kauffmann et al., 2019; Ziegele
& Weber, 2015).

Written Reviews and Sentiments

According to recent studies, people usually read the text of multiple reviews, typically more
than ten items, before trusting a firm or brand or making a purchase decision (Murphy, 2019;
Varga & Albuquerque, 2019). People consider linguistics cues and style, including the length
of the written review, narrative, valence, sentiments, and word use while reading the reviews
and determine how trustworthy they are. For example, people who wrote negative reviews with
dispreferred markers (such as, “I’ll be honest,” or “I don’t want to be mean, but...”) are
perceived to be more credible and persuasive compared to people who wrote negative posts
without these markers (Chen & Yuan, 2020; Moore & Lafreniere, 2020).

Many past studies have emphasized the effect of online reviews' valence or sentiments
on people’s attitude toward the firm and purchasing behavior (Berger et al., 2020; Reimer &
Benkenstein, 2016). A review's valence refers to whether the review's direction is positive,
neutral, or negative (Lee & Youn, 2009). Positive sentiments affect emotional trust, attitudes
toward a brand or firm, and purchasing intentions (Hsu, Yu, & Chang, 2017; Kudeshia &
Kumar, 2017). In contrast, negative text reviews can send negative signals and decrease brand
equity or purchase likelihood (Bambauer-Sachse & Mangold, 2011; Varga & Albuquerque,
2019). Yet, negativity bias in which people are more influenced by negative information, is
limited in the online context, since readers suspect that negative reviews are generated by
competitors (Babi¢ et al., 2016), or are the outcome of dissimilar tastes or even bad luck (Chen

& Yuan, 2020).

Importantly, written reviews and customer-generated content indicate people attitudes
and preferences, influence the image of organizations, and impact retailer's revenue (Kumar,
Shankar, & Aljohani, 2020; Moore & Lafreniere, 2020; Packard & Berger, 2017; Rahman &
Khamparia, 2016; Zhong & Schweidel, 2020). The importance of customer-generated content
expands beyond business organizations and concerns government agencies and policymakers

(Bertot, Jaeger, & Hansen, 2012). Citizens use media networks to express themselves about
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the different services that their governments are delivering, their opinions on policies, and
issues related to their day-to-day situations. Policymakers can no longer ignore these new
sources of information since the published information in these networks can influence the
governments' perception in the general public's eyes (Bertot et al., 2012; Driss, Mellouli, &
Trabelsi, 2019; Houston et al., 2016). In addition, Studies have shown that people's perceptions
may influence public trust in the government, and eventually, the ability to implement public
policies and achieve cooperative compliance of the citizens (Gordon, 2000; Im, Cho,
Porumbescu, & Park, 2014).

However, the main challenge in written reviews is that while star rating data are
structured, written reviews consist of natural language and therefore are unstructured and
difficult to understand (Jia, 2018). While user-generated content contains immense knowledge
about people's decision-making, data about communication between firms and their consumers,
and among consumers themselves, there is a need to convert this raw material into valuable
insights (Berger et al., 2020; Humphreys & Wang, 2018). Within this context, sentiment
analysis techniques are a useful way to examine opinionated text. Sentiment analysis is the
process of automatically extracting feelings from the text (Pang & Lee, 2008) and identify the
mood or opinion of subjective aspects within the text (Bhadane, Dalal, & Doshi, 2015).
Specifically, Sentiment Analysis in reviews explores the text to determine the overall opinion
or feeling about a product or a firm (Kauffmann et al., 2019) and the sentiment strength of it
ranging from very negative to very positive emotions (Villarroel Ordenes, Ludwig, De Ruyter,
Grewal, & Wetzels, 2017).

Due to the increasing importance of user-generated content and written reviews, there
IS a growing interest in extracting sentiments and insights among marketers, managers, and
policymakers (Chen & Yuan, 2020; Chevalier & Mayzlin, 2006). Studies indicate that 72% of
companies invest in content analysis (The CMO survey, 2020; Zhong & Schweidel, 2020), and
more than half of C-level executives describe word of mouth and text analysis as a key business
priority (Simonson & Rosen 2014). However, it is still unclear how unethical behavior impact
written reviews and the sentiments expressed in them. Research in eWOM did not address the
possible downstream effects of unethical behavior and its potential role in shaping people's

judgments, behaviors, and word of mouth.

The Impact of Unethical Behavior on written Reviews
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Unethical behavior is a common phenomenon that can be found in different settings in daily
life - shoplifting, tax evasion, and over-claiming insurance are some examples of acts that
ordinary people commit regularly (e.g., Ayal & Gino, 2011). Although the accumulative
economic impact of unethical behaviors is significant (Gerlach, Teodorescu, & Hertwig, 2019),
only a few studies addressed the subsequent consequences of these acts and how they may
impact the judgment of those that were cheated. Previous studies, presented in Chapters 1 and
2, suggested that people who behave unethically tend to distance themselves from the act,
preferring to criticize others so they can present themselves as "ultra-moral and restore their
moral self-image. However, it is not clear if this tendency is also relevant when people who
cheated write a review about the victim of their transgression and whether their written review
influences other people's behavior and willingness to engage with the victim in a similar way

to those generated after behaving ethically.

Written reviews have unique characters that may distinguish them from star ratings;
they can include a mix of both negative and positive sentiments, sometimes not consistent with
the star rating (Chen & Yuan, 2020), they provide room to express opinions and sentiments
(Jia, 2018), add information above the straightforward averaged star rating (Zhang, Zhao,
Cheung, & Lee, 2014), and can be found separately from star rating on social media platforms
and internet forums (Chuang, 2020). Given the different features of written reviews and the
importance it has on people's emotional trust, attitudes toward a firm or a product, and
purchasing intentions (Adamopoulos, Ghose, & Todri, 2018; Babi¢ et al., 2016; Hsu et al.,
2017), it is essential to have a better understanding concerning the impact of unethical behavior
on reviews' sentiments and possible other cues that may influence readers (Chen & Yuan,
2020). Such cues can include, for example, using a higher total level of words and less first-
person singular, which are typical to people lying or behaving unethically (Tausczik &
Pennebaker, 2010).

The research findings may have far-reaching implications not only in the marketing
realm but also for organizations, workplaces, and governmental authorities (Berger, 2014,
Driss et al., 2019). People share their experience and opinions about their workplace, the
political situation, the service they received while renewing their driving license, and their
recently paid taxes. Thus, if the distancing account will be relevant to written reviews as well,
it might have an impact on the reputation and image of the organization or public service, it
may decrease trust in governmental authorities and even jeopardize the possibility to attract
and maintain high-quality employees (Gordon, 2000; Im et al., 2014).
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Due to their nature, the sentiments expressed in them and other linguistic cues, written
reviews may reveal an opposite outcome of unethical behavior on subsequent judgment
compared to the star ratings. Although not found in my previous studies (Chapters 1 and 2),
research in the behavioral ethics field suggest that unethical behaviors may elicit guilt (Cohen,
Wolf, Panter, & Insko, 2011; Gneezy, Imas, & Madarasz, 2012) and encourage reparative
actions and prosocial behaviors. Prosocial behavior may serve to "balance the scale™ and
resolve the tension people feel after misbehaving (Tracy & Robin, 2007). The guilt account
suggests that people who misbehaved may include positive sentiments in their written reviews,
highlight products' positive features, and even recommend it. Importantly, since written
reviews often appear after star rating, the distancing and harsh judgment of the victim after
unethical behavior may evoke guilt. As a result, and to repent for their negative star rating,
people may provide more positive written reviews implying the importance of the order in

which reviews are posted online.

However, according to the distancing account, people sometimes find it difficult to
deny their misconduct and therefore tend to harshly judge others in an attempt to distance
themselves from their own actions and view themselves as "ultra-moral” (Barkan, Ayal, Gino,
& Ariely, 2012; Shalvi, Gino, Barkan, & Ayal, 2015). In other words, according to the
distancing account, people who misbehaved may use mostly negative sentiments in their
written reviews and highlight negative aspects of the experience or product in order to distance

themselves from the target of their transgression and restore their moral self-image.

In two studies, | test these two predictions. In the first study, | analyzed the written
reviews collected in two previous studies (Studies 2.1 and 2.2). Text analysis of the reviews
reveals that, similar to star ratings, participants tend to show a higher level of negative
sentiments after cheating, but only when it is possible to justify their acts. In the second study,
I explore whether reviews written by consumers who cheated or not, affect people's willingness
to use the product. Previous studies indicate that while negative or positive sentiments in the
written reviews are important, other cues, such as the length of the review and the words used,
may influence the level at which the review is perceived as trustworthy and persuasive (Chen
& Yuan, 2020; Tausczik & Pennebaker, 2010). My findings suggest that people who read
reviews written by participants who cheated were less inclined to use the product compared to

reviews written by participants who did not cheat.
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Study 3.1 — How unethical consumers review a product?

In the first study, |1 examined whether the sentiments in written reviews differ between
participants who cheated compared to participants who behaved ethically and whether the
ability to justify the cheating moderates the effect and the sentiments in the written reviews.
Based on previous studies' findings (Chapters 1-2), | hypothesize that people who cheat will
tend to harshly judge the target of their transgression by using more negative sentiments in an
attempt to distance themselves and restore their moral self-image, but only when self-

justification is possible.

H3.1 There will be a significant positive correlation between earnings and negative sentiments

in the cheating condition.

H3.2 The effect of condition (cheating or control) on negative sentiments will be mediated by

earnings.

H3.3 There will be a positive correlation between cheating rates and negative sentiments

except when justification is hard.

H3.4 The effect of condition (the ability to justify the behavior) on negative sentiments will be

mediated by cheating rates.

H3.5 There will be a negative correlation between cheating rates and positive sentiments in the

easy to justify condition.

H3.6 The effect of condition (the ability to justify the behavior) on positive sentiments will be

mediated by cheating rates.

In this study, I used written reviews that were collected as part of two dots task studies
in chapter 2 (Studies 2.1 and 2.2). In the dots task studies, | asked participants to write a review
about the app and provide as many details as possible about the app they tested and their
experience. Responses from the same participants for both star ratings and written reviews
enabled a simulation of real-life incidents, in which people are requested to provide both rating

and written reviews.

Database

The database included 657 written reviews from Studies 2.1 and 2.2 (Chapter 2). Both

studies included a request from participants to add their written reviews about the app. The
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request was made to analyze the sentiments, language being used, and other cues besides star
ratings. While the data from Study 2.1 was used to understand the differences in sentiments
between participants who cheated compared to participants that did not cheat, the data from
Study 2.2 was used to address the possibility that the ability to justify the unethical behavior

may influence the sentiments expressed in the written reviews.

Written reviews collected in Study 2.1. In this study, 201 participants (65% male, Mage
= 35.0, SD = 7.45) were recruited from Amazon Mechanical Turk and confirmed that their
vision was normal or corrected-to-normal. Participants were requested to take part in a usability
study of a new mobile app using their mobile phones. The app was based on the dots task
(Gino, Norton, & Ariely, 2010; Hochman, Glockner, Fiedler, & Ayal, 2016; Kouchaki &
Smith, 2014) in which participants were requested to choose, between two squares, the one

containing more dots.

The app had two payoff structures (conditions). In the control condition, participants
were paid $0.10 for each correct response and $0.01 for each incorrect response. By contrast,
in the cheating condition, participants received a higher incentive when choosing the right-
hand side, although it had fewer dots. This payoff structure disregards the actual correct choices
and has been found to induce cheating behavior (e.g., Hochman et al., 2016). Notably, in both
conditions, participants were instructed always to choose the side with more dots. Meaning,
participants in the cheating condition knew that a violation of the accuracy instructions would
increase their gains unethically. When participants completed the task, they were asked to rate
how much they liked the app overall (on a 5-star scale) and rate nine app metrics (e.g., graphic
design, app's ease of use, and responsiveness of the app). In addition to the star rating,
participants were requested to write a review of the app and be as detailed as possible.
Participants were obliged to write at least five characters and were not limited in the review

length.

Written reviews collected in Study 2.2. In this study, 456 participants (72% female, Mage
= 35.0, SD = 9.7) were recruited from Amazon Mechanical Turk. Participants confirmed that
their vision was normal or corrected-to-normal. As in Study 2.1, the study was presented as a
usability study for a new mobile app that simulates the dots task (Hochman et al., 2016).
However, in this study, all participants were allocated to the cheating condition with differences
in the task difficulty (manipulation of the ability to justify the cheating) between-subjects. All

participants were tempted to cheat by offering a higher payment for choosing the right-hand
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side, regardless of whether this side contained more or fewer dots. While the square containing
more dots always contained 25 dots, the square with fewer dots varied in the number of dots
according to the ease of justification. In the hard-to-justify cheating condition, the square with
fewer dots contained 20 dots (justification was hard because it was easy to correctly choose the
sguare containing more dots); in the medium-justifiability condition, it contained 22 dots; and
in the easy-to-justify condition, it contained 24 dots. The three levels were adopted from
Hochman et al. (2016), who reported that they indeed exhibit decreasing cheating rates. After
completing the dots task, participants rated the app (on a 5-star scale) and were asked to write
a review on the app with as many details as possible. As in Study 2.1, participants were obliged

to write at least five characters and were not limited in the written review length.
Text Analysis Tools

To analyze the written reviews, I used the LIWC2015 (Linguistic Inquiry and Word
Count) software that was found to be accurate in identifying emotions in language use
(Tausczik & Pennebaker, 2010). According to previous studies, the software rating of positive
emotion words (e.g., love, nice, sweet) and negative emotion words (e.g., hurt, ugly, nasty)
correspond with human ratings of the writing excerpts (Kahn, Tobin, Massey, & Anderson,
2007). The software dictionary identifies the most common words in the human language and
defines each in one or several word categories (for example, negative emotion can be
simultaneously categorized in three different categories - sadness, negative emotion, and
overall affect). The score is calculated by comparing the words being used to a list of dictionary
words that define each category scale. For example, if LIWC analyzed a single speech with
2,000 words, it compares them to the built-in dictionary and might find that there are 150
pronouns and 84 positive emotion words used. Therefore, it would convert these numbers to
percentages, 7.5% pronouns and 4.2% positive emotion words (Pennebaker, Booth, & Francis,
2007).

To better understand the text's overall sentiment tone and validate the sentiments'
direction in the written reviews (negative or positive), | also used the MonkeyLearn.com
software. MonkeyLearn.com is a platform that uses machine learning to get relevant data from
text and was found to provide accurate sentiment classification due to its high-quality attributes
result and a low result of mean square error (MSE) (Basmmi, Abd Halim, & Saadon, 2020).
MonkeyLearn.com focuses not only on polar sentiments (positive, negative) but also on
feelings and emotions (angry, happy, sad), urgency (urgent, not urgent), and even intentions

(interested v. not interested).
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Results and Discussion

Positive sentiments in the written reviews included terms such as nice, fun, exciting,
like, engaging, interesting, enjoyable, entertaining, and even addicting. In comparison, the
negative sentiments included words such as boring, pointless, hard, confusing, tedious,
frustrating, annoying, stressful, and anxious. There were very few neutral reviews, such as "It
was fine" or "'l wasn't quite sure what counted as a "difference” in a few pictures.” In addition,
part of the reviews included both sentiments to describe participants’ experience and impression
from the app (for example, "The app was fun but slightly boring, and I honestly didn’t
understand the point of it." Or "An interesting way to pass the time but would get redundant

very fast. Not the type of brain teaser game | would choose to play").

Cheating and control conditions. There was a significant difference between the control
and cheating conditions in terms of positive and negative sentiments according to LIWC
software (Figure 3.1): There were significantly more positive sentiments in the control
condition compared to the cheating condition (M =9.77,5.83; SD = 12.28, 7.32; 1 (199) = 2.78,
p < .01). However, this was reversed in the negative sentiments, with significantly more
negative terms in the cheating condition compared to the control condition (M = 6.90, 4.10; SD
= 8.47, 6.49), t(199) = 2.62, p < .01. In other words, supporting a distancing account,
participants in the cheating condition used more negative terms and expressed harsher
judgment toward the product compared to participants in the control condition. These findings
were consistent with the MonkeyLearn analysis, indicating that the control group's general

sentiment tone is 72.2% positive, while the cheating group's sentiment tone is 70.8% negative.

Figure 3.1. The difference in sentiments between cheating and control conditions
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According to Tausczik & Pennebaker (2010), people lying or behaving unethically tend
to use a higher total word count. I did not find a significant difference in the word count of the
reviews between participants in the control group (M = 20.73, SD = 15.61, Mdn = 17.50) and
the cheating group (M =20.03, SD = 16.40, Mdn = 15; t(199) = .31, p =.76). However, a linear
regression analysis revealed that in the cheating condition, there was a significant positive
correlation between the level of earnings (represent the degree of cheating) and word count, b
=.20, F(1, 101) = 4.22, p <.05. In contrast, the correlation between the level of earnings and

word count in the control group was not significant, b = -.02, F(1, 96) = .03, p = .87.

To test hypothesis H3.1 (i.e., the correlation between earnings and sentiments), | used
the PROCESS method (Model 1 in Hayes, 2017) with the condition as a moderator for the
effect of earnings on negative sentiments. The analysis revealed a significant moderation effect
of condition (cheating, control) on the correlation between earnings and negative sentiments,
F =6.22, p <0.01, with positive coefficient for the interaction (b =8.21, SE = 2.92, p < .01).
As Figure 3.2 illustrates, there was a significant positive correlation between earnings and
negative sentiments in the cheating condition, b = .25, SE = 1.27, p < .05, while in the control
condition, there was a significant negative correlation, b = -.21, SE = 2.31, p < .05. In other
words, participants in the cheating condition reviewed the app less favorably the more they
cheated (using more negative sentiments). In contrast, participants in the control condition used

fewer negative sentiments the more they earned from it.

Figure 3.2. The impact of earning (US$) on negative sentiments in cheating and control

conditions
3
=
@
E Condition
Fi
@ —— Cheating
E Control
=
)
@

1.0 1.5

Earnings

95



However, | found no support to hypothesis H3.2. A mediation analysis using PROCESS
method (Model 4 in Hayes, 2017), revealed a non-significant indirect effect of condition
(cheating and control) on negative sentiments score through earnings (the mediator), b = -.07,
95% CI [-.17, .01]. The lack of mediation effect is consistent with the findings of study 2.1

from which the data were taken and can attribute to the small sample.

Surprisingly, there was no significant correlation between earnings and positive
sentiments (F(1,199) = .89, p = .34), in both control condition (b = .10, SE = 4.46, p =.32) and
cheating condition (b = -.04, SE = 1.13, p = .70). The findings support the distancing account
in which people judge more harshly the victims of their unethical behaviors. Considered jointly,
the findings suggest that cheating was associated with harsher judgment of the app. These

findings support the distancing account (Shalvi et al., 2015).

The ability to justify unethical behavior. According to the LIWC software, there was a
significant difference in the positive sentiments between the hard-to-justify condition (M =
7.50, SD = 6.90), the medium-justifiability (M = 5.77, SD = 5.80) and the easy-to-justify
condition (M = 6.41, SD = 5.67; F(2,453) = 3.09, p < .05). However, there was no significant
difference in the negative sentiments according to conditions (F(2,453) =0.72, p = .49) (Figure
3.3). According to MonkeyL earn software, there was a difference in the general sentiment tone.
While the hard-to-justify general sentiment tone is 72.2% positive, the sentiment tone of the
medium-justifiability condition and easy-to-justify conditions was negative (58.30% and
69.10%).

Figure 3.3. The difference in sentiments between cheating and control conditions
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To test the correlation between cheating and sentiments, | used the PROCESS method
(Model 1 in Hayes, 2017), with the condition as a moderator for the effect of cheating rate on
negative sentiment. Consistent with hypothesis H3.3, the analysis revealed a significant
moderation effect of condition (hard-to-justify, medium-justifiability, easy-to-justify) on the
correlation between cheating and negative sentiments, F = 10.1, p < 0.01, with positive
coefficient for the interaction (b = 3.83, SE = 1.23, p <.01). As Figure 3.4 illustrates, there was
a significant positive correlation between cheating and negative sentiments in the easy-to-
justify condition, b = .33, SE = 2.01, p < .01, and in the medium-justifiability condition, b =
.28, SE = 1.69, p < .01. Meaning, the more participants cheat, the more they use negative
sentiments to express harsh judgment. However, there was no significant correlation between

cheating and negative sentiments in the hard-to-justify condition, b = .03, SE = 1.58, p = .73.

Figure 3.4. The impact of the cheating rate on negative sentiments by ease of

justification condition
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In order to test hypothesis H3.4 and estimate the direct effect of the condition (ease of
justification) on negative sentiments score, and the indirect effect of the cheating rate as
mediator, | performed a mediation analysis using PROCESS method (Model 4 in Hayes, 2017).
Results indicated that condition was a significant predictor of cheating rate, b = .31, SE = .02,
95% CI [.09, .16], p < .01, and that cheating rate was a significant predictor of negative
sentiments score, b =.21, SE = 1.01, 95% CI [2.38, 6.34], p < .01. Condition was no longer a
significant predictor of negative sentiments score after controlling for the mediator, cheating
rate, b =-.01, SE = .41, 95% CI [-.90, .73], p = .84, consistent with complete mediation.
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Further examination revealed that there was a moderation effect of condition (hard-to-
justify, medium-justifiability, easy-to-justify) on the correlation between cheating and positive
sentiments, F = 2.77, p < 0.05, with negative coefficient for the interaction (b = -2.44, SE =
1.11, p < .05). As Figure 3.5 illustrates, and consistent with hypothesis H3.5, there was a
significant negative correlation between cheating and positive sentiments in the easy-to-justify
condition, b=-.19, SE = 1.7, p < .05. Meaning, the more participants cheat the less they express
positive sentiments in their reviews. However, there was no significant correlation between
cheating and positive sentiments in the medium-justifiability condition, b = -.15, SE = 1.42, p
= 0.07, and in the hard-to-justify condition, b =.11, SE =1.57, p = .109.

Figure 3.5. The impact of the cheating rate on positive sentiments by ease of
justification condition
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However, | found no support for hypothesis H3.6. A mediation analysis using
PROCESS method (Model 4 in Hayes, 2017), revealed a non-significant indirect effect of
condition on negative sentiments score through earnings (mediator), b = -.12, 95% CI [-.38,
A1].

These results suggest that when it was easy-to-justify cheating, participants who
cheated more tended to judge their victim more harshly by expressing more negative sentiments
in their written reviews. However, there was no significant correlation in the hard-to-justify
condition. The findings were conclusive only in the case of negative sentiments (hypothesis
H3.4) and not positive sentiments (hypothesis H3.6). Importantly, the results support the
distancing account because a harsher judgment was found only in conditions where participants

could justify the unethical behavior and distance themselves from the victim. However, when
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cheating was obvious, cheaters found it more difficult to distance themselves from the victim

and therefore did not review the app more negatively.

Considered jointly, these findings suggest that unethical behavior impact not only the
subsequent star rating of the target of transgression but also written reviews about the product
and the experience while using it. Negative sentiments that represent a harsh judgment were
more prominent when participants cheated more (hypotheses H3.1 and H3.3). Also, the results
reinforce the distancing-based process as the underlying mechanism driving people's tendency
to judge their target harshly. Meaning, the effect was found only when it was possible to justify
the unethical behavior (easy to justify condition and medium justifiability). Interestingly, when
it was easy to justify the misbehavior, there was also a negative correlation between unethical
behavior and positive emotions (hypothesis H3.5), which implies that reviews were more
consistent in terms of their sentiments. Consistency in sentiments may send cues to the reader
regarding the review's accuracy and how helpful it is (Moore & Lafreniere, 2020; Schlosser,
2011). However, while the mediation role of the cheating rate on the effect of condition on
negative sentiments was supported (hypothesis H3.4), it was not significant in positive
sentiments (hypothesis H3.6). A possible explanation is that the distancing responses, which
include negative judgment and blaming the victim of the transgression (Bandura, 1999), is

usually expressed in more negative terms and sentiments rather than using less positive terms.

Online written reviews are widespread in social media, internet platforms, and blogs
(Chuang, 2020), and people perceive them as a source of information. Considering that
negative sentiment can jeopardize people's emotional trust, brand equity, and purchasing
intentions (Hsu et al., 2017; Varga & Albuquerque, 2019), findings may have far-reaching
implications for organizations, workplaces, and brands. For example, it seems that,
paradoxically, firms that use lenient policies that put less emphasis on preventing unethical

behavior may expose themselves to more negative online reviews.

However, according to recent studies, the influence of negative reviews in the online
context may be limited since readers may suspect they were generated by competitors or
represent different preferences (Babic¢ et al., 2016). In addition, people tend to rely not only on
sentiments while considering a product but also on other linguistic cues that may influence how
a review is considered credible and trustworthy (Chen & Yuan, 2020). Thus, the next study
explores whether the willingness to use a product is influenced by sentiments generated by

people who cheated or behaved ethically.
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Study 3.2 - The effect of reviews from ethical/unethical consumers

on the willingness to use the product

The second study aimed to reveal if the differences in the review's sentiments (whether positive
or negative) and the source of the review impact potential customers' willingness to use the
product. Since the influence of negative written reviews in the online context is limited (Babi¢
et al., 2016), the impact of unethical behavior found in Study 3.1 may not be significant to
organizations and brands. It may be that negative sentiments are attributed to different apps'
preferences, the internet connection that influences the experience, or other external factors.

In addition, positive and negative reviews can be written by both people that cheated or
not. It is unclear if reviews written by people who cheated differ from those written by people
that did not cheat. Studies show that, besides sentiments, people tend to pay attention to
different linguistic cues in the reviews, such as words being used or the length of the review
(Moore & Lafreniere, 2020). For example, consistent with studies suggesting that people lying
or behaving unethically tend to use a higher total word count (Tausczik & Pennebaker, 2010),
| found in Study 3.1, a positive correlation between cheating rate and word count (the
correlation in the control group, where people did not cheat, was not significant). Therefore,
it is not necessarily that positive or negative reviews will be perceived in the same way if they
were generated by people who cheated or behaved ethically. The findings may be insightful
since they may indicate that people who cheat use cues that convey a trustworthy and
persuasive negative review (Chen & Yuan, 2020). It may also enable a way to identify reviews

written by cheaters based on linguistic cues that characterize people who behave unethically.

In the study, | examine the willingness of participants to use a product (play the app,
download the app, or pay for the app) after reading written reviews that vary according to
whether the reviewers could cheat (control, cheating conditions), earnings level (low and high),

and sentiments (positive or negative). | hypothesize that:

H3.7 People will be significantly less willing to use a product after reading a review written by
a previous participant who behaved unethically compared to a review written by a previous

participant who did not behave unethically.

H3.8 People will be significantly less willing to use a product after reading negative review
written by a previous participant who behaved unethically compared to a negative review

written by a previous participant who behaved ethically.
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Method

Participants. | recruited 149 participants from Prolific (51% male, Mage = 32, SD =
11.2). All participants were above 18 years old, with English as their first language. Each
participant was paid £0.40. The study was similar to all participants, and therefore had a

minimum of 100 participants.

Design and Procedure. Participants were asked to imagine themselves in a situation in
which they are looking for a new app, and during their search, they are reading few online
reviews. Participants read a total of ten different written reviews and were asked, after each

review, to provide their first impression and personal opinion on each.

The ten different reviews were chosen from all the reviews participants wrote at the
dots task studies (Studies 2.1 and 2.2) and analyzed in Study 3.1. Each review represented a
different condition, according to the following criteria: condition (cheating or control), earning
(low or high. in the cheating condition, the earnings represent the level of cheating), sentiment
according to LIWC score (positive or negative). Also, two reviews were taken from participants
that had different ability to justify the cheating (easy-to-justify or hard-to justify) with a high
level of cheating. The actual reviews for this study were randomly selected from each category
(Figure 3.6) and presented to participants in random order. The reviews presented in the study

included an indication of time and a unisex name to simulate real online reviews.

Figure 3.6. Images of reviews according to condition, earnings, and sentiments

Control condition Cheating condition

Low earnings - Positive sentiments

) silie H. ) Charlie D.
2 months ago 2 months age
Game ran smoothly. Was entertaining, if a bit It's cool yet challenging. The app would be good
. for someone who loves counting and fast paced
simple?
games.

Low earnings - Negative sentiments

Q Blake S. Q Dylan A
3 months ago 2 months ag
The game was fun, but at the end it said | did not | believe two seconds is too fast. I'm sure |
answer 10 times which is not true. answered but it said | didn't. | would give 3

seconds instead of two.
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High earnings - Positive sentiments

Q Elliot L.

3 months ago

It was pretty fun trying to quickly guess the right
answer! Some were a definite struggle, but it was
challenging and enjoyable!

a Alex Y.

3 months ago

Seems like a challenging game. Not sure how
well you can improve on your performance.

High earnings - Negative sentiments

(e

Taylor B.

3 months ago

The app was way too challenging for what | would
want to do in my leisure time.

Q Kelsey S.

3 months ago

| don't really get it. | think I'd get bored very quickly
just figuring out which side has more dots. It's not
very much fun and | can't see how it would improve
my skills in any way.

High earnings (cheating condition)

Hard to justify
g Robin K

months ago

Easy to justify
) Mickey M.

2 months ago

It is very difficult to guess which side has the most do Very boring game. It works well though.
in 2 seconds the way the dots are randomly placed

on the screen. Several times it did not register my

selection when | pressed on my choice. | would not

be very anxious to play this game just for the fun of it.

After each review, participants were requested to indicate whether they are willing to
play the app, download it and pay an amount of £0.99 for it. Each of the measurements was
tested on a 5-point-scale (1 — highly unlikely, 5 — highly likely). The three measures of their
willingness to play, download, and purchase the app showed high internal reliability
(Cronbach's o = .94), so I averaged them to form a composite “general willingness to use the
app” score. Lastly, participants reported their demographics and paid the promised amount

when the study was completed.
Results and Discussion.

Consistent with hypothesis H3.7, | found that the willingness of participants to use the
app after reading the reviews from the cheating condition was significantly lower compared to
their willingness to use the app after reading reviews from the control condition (M = 2.13,
2.52; SD =.79, .75; t(148) = 13.06, p <.01). However, participants' willingness to use the app
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differed significantly based on the level of earnings (which represent the degree of cheating in
the cheating condition) between both conditions. The willingness of participants to use the app
after reading reviews with low earnings was significantly higher in the cheating condition (M
= 2.51, SD = .89) compared to the control condition (M = 2.40, SD = .82; t(148) = 1.97, p <
.05). Yet, the willingness to use the app was reversed in the high earnings level, such that it is
significantly lower after reading reviews from the cheating condition (M = 2.08, SD = .81)
compared to reviews from the control condition (M = 2.64, SD = .84; t(148) = 10.77, p < .01).
(Figure 3.7).

Figure 3.7. The willingness of participants to use the app after reading reviews

according to the condition and earnings.
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The same tendency was also found when participants read a positive review of the app.
Participants were significantly more inclined to use the app after reading positive reviews from
the cheating group with low earnings (meaning, low degree of cheating) compared to positive
reviews from the control group with low earnings (M = 2.93, 2.75; SD = 1.03, .91; t(148) =
2.41, p < .05). However, participants were less inclined to use the app after reading positive
reviews from the cheating group with high earnings (meaning, a high degree of cheating)
compared to positive reviews from the control group with high earnings (M = 2.45, 3.06; SD =
.95, .91; t(148) = 8.67, p < .01). (Figure 3.8).

In addition, consistent with hypothesis H3.8, the willingness of participants to use the
app after reading negative reviews was not affected by the condition, whether cheating or
control group, with low earnings (M =2.09, 2.07; SD = .93, .97, t(148) = .35, p =.73). However,
there was a significant difference in the willingness of participants to use the app after reading

negative reviews from the cheating group with high earnings (i.e., a high degree of cheating)
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compared to negative reviews from the control group with high earnings (M = 1.72, 2.21; SD
=.86, 1.01; t(148) = 7.09, p < .01).

Figure 3.8. Participants’ willingness to use the app after reading positive or negative
reviews, according to the condition and earnings.
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Surprisingly, there were no significant differences in the willingness of participants to
use the app after reading negative reviews in the easy-to-justify with high degree of cheating
(M =1.82, SD =.99) and in the hard-to-justify with high degree of cheating (M = 1.73, SD =
.97, 1(148) = 1.34, p = .18). Meaning, although I found in Study 2.2 that participants in the
hard-to-justify condition did not rank the app more negatively when cheating more, their

negative review still resulted in a lower willingness to use the app.

Considered jointly, the findings suggest that reviews that were written after behaving
unethically evoked less willingness of potential customers to use the product. Although
negative reviews, whether generated after behaving ethically or unethically, lead to lower
willingness to use the app in general, the reviews written after high cheating rates were
significantly less attractive than negative reviews written by participants who did not cheat.
Interestingly, after high cheating rates, even positive sentiments elicited a lower willingness to
use the app than positive reviews written after gaining high earnings ethically.

Notably, reviews generated by participants with low levels of cheating increased
people's willingness to use the product compared to the control group overall, and when
reviews included positive sentiments. However, there was no difference in the willingness to
use the app when the review included negative sentiments after low cheating rates compared

to low earnings in the control group. Meaning, when people have the opportunity to cheat, but
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despite the temptation, curb their own dishonesty (Ayal, Gino, Barkan, & Ariely, 2015), they
tend to generate reviews that increase the willingness of potential customers to use the product
at the best, or similar to people who did not have the opportunity to cheat.

The results reinforce the importance of considering unethical behavior and its impact
on individual's judgment, word of mouth, and future decisions of others. It also emphasizes the
importance of policies that aim to deter people from behaving unethically, not only in the
marketplace but in different contexts in daily life. The implications are particularly relevant
when considering the increasing use of social media as a trusted source for information and

decision-making (Berger et al., 2020).
General Discussion

In this research, | examined how people judge those they have cheated, and more specifically,
how their written reviews are affected by their unethical behaviors. In the first study, I show
that when people behave unethically, they tend to use more negative sentiments in their written
reviews and harshly judge the victim (hypothesis H3.1). However, the results are not fully
supported and, similar to study 2.1, the mediation effect is not significant (hypothesis H3.2).
Also, reinforcing the boundary condition found in Study 2.2, | find that unethical acts do not
influence judgments and sentiments when cheating is blatantly obvious (hypotheses H3.3 and
H3.5). Findings that judgments are less favorable only when the misbehavior can be justified
support the distancing-based process as the mechanism that drives the effect. Interestingly,
while the mediation of the cheating rate on the effect of the ability to justify the misbehavior
on negative sentiments was significant (hypothesis H3.4), it was not significant in the case of
positive sentiments (hypothesis H3.6). The lack of mediation effect in the case of positive
sentiments may indicate that the distancing responses are being expressed by more negative
terms (such as boring, frustrating and pointless) rather than using fewer positive terms (such as

nice, fun, exciting).

Furthermore, | find that reviews written after cheating reduce potential customer's
willingness to engage with the target of the transgression (Study 3.2; hypotheses H3.7-H3.8).
While previous research shows that reviews affect consumers' evaluation of a brand and
purchasing decisions (Babi¢ et al., 2016), this study suggests that the effect of cheating may be
more profound than merely negative sentiments. When comparing reviews with similar
sentiments (negative or positive), readers' willingness to use a product was lower when

generated by participants that cheated. An explanation can be found in the linguistic cues, style,

105



length of the review, or even words being used (Moore & Lafreniere, 2020). It is also possible
that the balance between general sentiments, harsher expression of emotions, and focus on
technical aspects send different signals to the reader. Further research can explore the various

elements that influence people's intentions while reading reviews besides sentiments.

The results suggest that unethical behavior's negative consequences are relevant not
only in star rating but also in written reviews. Considering that the digital environment enables
people to share their experiences, not only as consumers but also as employees and citizens, it
may significantly impact people's attitude toward the firm and even jeopardize the emotional
trust toward the organization (Chuang, 2020; Kauffmann et al., 2019). Surprisingly, reviews
generated by people with low cheating levels included more positive sentiments than those
written by reviewers who were not given the opportunity to cheat. These findings suggest that
when people limit their own dishonesty (Ayal et al., 2015), they tend to provide more favorable
reviews, presumably, since they feel good about their honest behavior, although the temptation.

The research findings have important implications for managers and marketers because
of how people who behave unethically communicate and share their opinions about those they
have cheated. In the marketing realm, subsequent reviews may impact purchasing decisions,
brand equity, and consumer-brand relationships (Khamitov, Wang, & Thomson, 2019).
Organizations and government entities may endure lower trust (Hsu et al., 2017) and possible
damage to their image (Driss et al., 2019; Packard & Berger, 2017). As a result, organizations
might find it challenging to recruit and maintain good employees, provide quality services, or
keep the stakeholders' interests (Singh & Twalo, 2015).

In addition, findings suggest implications for policymakers and organizations
regarding the importance of regulations that deter people from unethical behavior. Since Study
3.1 provide evidence for positive sentiments when people curb their dishonesty below the
maximum possible (Mazar, Amir, & Ariely, 2008), it may be worthwhile for organizations and
governments to invest in policies that minimize people's unethical behaviors while reinforcing
their sense of moral decisions. Also, since dishonesty may impact not only star rating but
customer-generated content in general, policymakers should consider this phenomenon while
striving to maintain their image in the public eyes, improve the level of trust of citizens, and
recruit employees that can, eventually, improve the services provided to citizens (Gordon,
2000; Hsu et al., 2017; Singh & Twalo, 2015).

Limitations and future research directions
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The research expands the findings of previous studies in the dissertation (Chapters 1 and 2). It
reinforces the notion that unethical behavior has a substantial impact on people's subsequent
judgment and behavior. However, although the results suggest that dishonest people may
distance themselves from the acts to restore their moral self-image, the phenomenon's extent is
still unclear. People who behave unethically may choose not to write online reviews or only
provide star ratings when possible. Future studies can explore whether people behaving
unethically are willing to post written reviews in similar or different magnitude than people

who behave ethically.

Future research may also explore the differences in the linguistic cues between written
reviews generated after behaving ethically or unethically. As suggested in previous studies
(e.g., Chen & Yuan, 2020), people consider not only sentiments in the review but also other
cues such as style, narrative, length, and even the use of dispreferred markers (Moore &
Lafreniere, 2020). As a result, and as evident in Study 3.2, the evaluation of reviews, similar
in their sentiments, may be different when generated after cheating. Revealing possible

linguistic cues can assist in identifying potential biased online reviews.

Lastly, while considering moderating factors, there may be differences in how they
moderate the effect of unethical behavior on subsequent star ratings compared to the written
review. For example, since reviews include positive and negative sentiments, it may be that
transgression toward small companies with identifiable victims (like small ice-cream shops or
café) will have a more significant impact on the tone or sentiments of the written reviews
compared to reviews of large companies (Gino et al., 2010; Wirtz and McColl-Kennedy 2010).
In addition, it is not clear if the time between the actual transgression and the review can impact
the sentiments expressed in it and the words being used to describe the experience or product

for better or worse.
Conclusion

In conclusion, this research shed light on the consequence of unethical behavior and how
people judge those they have cheated, and more specifically, the tone and sentiments they use
while writing their review or sharing their experience online. Behaving unethically may
encourage people to distance themselves and harshly judge the company by providing negative
online reviews. Due to the importance of customer-generated content and online media

platforms, further harm can be caused to brands or organizations that were already cheated.
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This research has practical implications for managers, marketers, and policymakers in
minimizing the negative effects of unethical behavior in different settings of daily life. One of
the issues that can be considered is whether policymakers and governmental regulations should
intervene to reduce possible damages in the marketplace. Interventions may address both
consumers (that may take decisions based on biased information) and organizations (that may
face loss of revenue along with possible harm to their reputation or image in the eyes of the
public). Additional studies on the impact of unethical behavior on subsequent judgment are

needed in order to weigh the options and consider possible interventions (if any).
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Discussion and Conclusions

Although unethical behavior is a well-known phenomenon (e.g., Gino, 2015; Shalvi, Eldar, &
Bereby-Meyer, 2012), much less is known about its impact on subsequent judgments and
evaluations of the victim. Subsequent judgments have the potential to carry additional
implications to organizations, brands, and government authorities and affect their performance
and reputation. Critically, current theories provide conflicting predictions for the possible
impact of the dishonesty of people's judgments and evaluations of the target of the
transgression. While some studies predict higher and more positive subsequent judgments
following dishonesty (i.e., guilt account; Cohen, Wolf, Panter, & Insko, 2011; Sachdeva, lliev,
& Medin, 2009; Xu, Bégue, & Bushman, 2012), other studies predict lower and more negative
subsequent judgments following unethical behaviors (e.g., distancing account; Ayal & Gino,
2011; Barkan, Ayal, Gino, & Ariely, 2012; Shalvi, Gino, Barkan, & Ayal, 2015).

In the digital era, the ease of sharing information and opinions by customers,
employees, and citizens is apparent (Chuang, 2020; Kauffmann, Peral, Gil, Ferrandez, Sellers,
& Mora, 2019). Judgments and evaluations of people are often shared online and can reach
thousands of people (Babic¢, Sotgiu, De Valck, & Bijmolt, 2016), with an enormous effect on
business and government organizations' performance. Hence, the possibility that unethical
behavior may have lingering effects, besides the immediate financial costs that are often
integrated into the profit and loss reports (mostly by increasing the price of consumer goods;
Feldman, van Rooij, & Rorie, 2019), is an important factor that needs to be considered while
formulating business strategies or policies. Brand equity, firms' images, organization
reputation, citizens trust, and the ability to implement public policies are few examples of the
possible effect of unethical behavior (Driss, Mellouli, & Trabelsi, 2019; Gordon, 2000; Hsu,
Yu, & Chang, 2017; Khamitov, Wang, & Thomson, 2019; Packard & Berger, 2017; Singh &
Twalo, 2015). The aim of my research is to explore the phenomenon and reveal its possible

implications.

The first objective of the current research was to contrast these opposing predictions
to better understand how people judge those they cheat. Subsequent judgment of the target of
the transgression was examined in different settings: organizations, government authorities,
and the marketing realm, with both real-life cases and online performance. Across studies, |

found that people tend to judge those they have cheated more negatively, and the more they
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cheat, the more negative these judgments become. The results were found among employees
who recalled their unethical behaviors in the workplace (Studies 1.1-1.3), self-employed who
recalled their false tax reports (Study 1.4), and in a marketing setting with a new app (Study
2.1). However, while the findings imply that people tend to distance themselves by judging the
target of their transgression in an attempt to justify their actions (Barkan et al., 2012), some
inconsistencies in the results need to be addressed. Further studies are needed to examine the
phenomenon among self-employed (by using a larger sample or asking participants to write
questionable behaviors instead of receiving a list of behaviors) and additional marketing

settings (or tasks) to confirm the consistency of the phenomenon.

Notably, the findings indicate that this negative consequence of unethical acts is likely
to be quite pervasive because it happens in both long-term relationships, such as with an
employer, but also in one-time interactions, such as when using a particular product or app. In
addition, using the recall paradigm (Fox & Kahneman, 1992), | was able to refute a reverse-
causality account whereby people judge the victim negatively and therefore are more willing
to cheat (Studies 1,3, 1.4). Meaning, contrary to previous studies (e.g., Dell’ Anno, 2009) and
common beliefs among the general public, it is possible that unethical behaviors, such as tax

evasion, drive low satisfaction and not the opposite.

The second objective of the current research was to explore the moderating role of
justification and understand whether subsequent judgment is affected by the ability to justify
unethical behavior. Demonstrating an important boundary condition, | found that unethical
behavior does not influence judgments when cheating is blatantly obvious and hard to justify
(Study 2.2). This finding supports the distancing-based process as the underlying mechanism
driving the effect. Meaning, paradoxically, organizations that use lenient policies or not
preventing (or limiting) unethical behavior may expose themselves to more negative

subsequent judgments.

In addition, | examined two additional moderating factors. First, | found support for the
moderating role of moral credentials (Study 2.3), in which people tend to cheat more after
behaving morally (Effron, Cameron, & Moni, 2009). Findings suggest that moral credentials
(after earning money ethically) provided the ability to justify cheating, even when it was
blatantly obvious (i.e., hard to justify), and to use a distancing account as a post justification
mechanism. However, | found no evidence for the moderating role of actively benefit from

cheating (Muncy & Vitell, 1992). Findings suggest that while cheating rates are higher when
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passively benefiting on others' expense, there was no significant difference in the subsequent

rating whether the benefit was acquired actively or passively (Study 2.5).

The third objective of the current research was to explore the impact of unethical
behavior on written review's nature and sentiments and the possible influence they have on
other people's behaviors and willingness to engage with the victim. Importantly, written
reviews have unique characters that distinguish them from star-rating; they include negative,
positive, or mixed sentiments not always consistent with the star rating (Chen & Yuan, 2020),
they provide room to express opinions (Jia, 2018), can be found in social media, blogs, and
internet forums separately from ranking platforms (Chuang, 2020), and may influence people
emotional trust (Hsu et al., 2017).

| found that when people behave unethically, they tend to use more negative sentiments
in their written reviews and harshly judge the victim (Study 3.1). Meaning, unethical behavior
impacts the subsequent star rating of the target of transgression and also written reviews about
a product or a service. Also, reinforcing the boundary condition revealed in Study 2.2, | found
that unethical acts do not influence judgments and sentiments when cheating is blatantly
obvious (Study 3.1). Findings that judgments are less favorably only when the misbehavior can
be justified support the distancing-based process as the underlying mechanism driving people's

tendency to judge their target harshly.

Furthermore, while Studies suggest that negative sentiments may be limited in the
online context (Babi¢ et al., 2016), | found that reviews written after cheating significantly
reduced readers' willingness to engage with the target of the transgression (Study 3.2). Notably,
the findings suggest that the effect of cheating may be more profound than merely negative
sentiments. When comparing reviews with similar sentiments (negative or positive), readers'
willingness to use a product was significantly lower when generated by participants that
cheated. An explanation can be found in the linguistic cues (e.g., style, length of the review),
which increase the written review's credibility (Chen & Yuan, 2020; Moore & Lafreniere,
2020).

Surprisingly, reviews generated by participants who had the opportunity to cheat, but
despite the temptation, curb their own dishonesty (Ayal, Gino, Barkan, & Ariely, 2015)
increased readers’ willingness to use the product compared to those who behaved ethically. A
possible explanation is that people feel good about their moral decision when facing temptation

and therefore tend to provide more favorable reviews. This finding suggests that it may be
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worthwhile for firms to develop policies that aim to minimize people's unethical behavior while

reinforcing (or acknowledging) their moral decisions.
Theoretical and practical contribution

The research has a significant theoretical contribution. Examining the impact of unethical
behavior on subsequent judgments of the victim is innovative since it highlights an unexplored
aspect of unethical behavior. The research considers the impact unethical behavior has on
subsequent judgments and evaluations rather than focus on antecedents and ways to mitigate
it. Also, findings add to the extant literature by considering not only the direct costs of unethical
behavior (e.g., lost revenues) but also its lingering effects on judgments, word of mouth, and

consequently other people's behaviors.

Additionally, the research contributes both to the theory and practice of online reviews
(Babi¢ et al., 2016; Chen & Kirmani, 2015; Chevalier & Mayzlin, 2006) by revealing a novel
factor that can systematically influence ratings and written reviews. Given that unethical
behavior is prevalent, with up to 64% of consumers misbehaving at some point in their lives
(Farmer & Dawson, 2017), one out of every 50 employees caught stealing from their workplace
(Hayes international annual retail theft survey, 2019), and $406 billion in lost funding annually
in the United States due to tax evasion (IRS, 2016), many online reviews and opinions likely
originate from unethical behavior. The findings suggest that these reviews may be biased
because people who behave unethically distance themselves from the act. However, the
phenomenon's extent is unclear because people who behave unethically do not necessarily
write or share a review. Future studies can explore whether people behaving unethically post

online reviews more or less than their counterparts, and to what extent.

Furthermore, the research uses innovative methodological tools to explore the impact
of unethical behavior on subsequent judgments. To avoid using only tasks in laboratory settings
with low ecological validity (Ayal, Celse, & Hochman, 2019), | changed the dots task
(Hochman, Glockner, Fiedler, & Ayal, 2016) to a demo of an app and asked participants to test
it and rate the different aspects of it. Playing the game online in a more familiar interface
enabled me to better evaluate the subsequent judgment of the target of transgression. In
addition, when exploring subsequent judgments in real-life situations (e.g., unethical behavior
among employees), | used the recall paradigm (Fox & Kahneman, 1972), which manipulates

the order of two questions to examine whether the evaluation of satisfaction (or judgment in
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general) varies with the salience of another measure. Using this paradigm enabled to dismiss a

reverse causality in which negative judgment allowed people to cheat more.

The research has important practical implications for organizations because of how
unethical people can easily communicate with others about the organization they have cheated.
In todays’ digital environment, organizations are subject to public opinion, and people can
easily share their opinions on different platforms such as blogs, social media, and internet
forums (Chuang, 2020). Thus, people who behave unethically can easily harm the victim of
their transgression. As a result, the organization might find it challenging to maintain their
image in the public's eyes, recruit and maintain good employees, provide quality services, or
keep the stakeholders' interests (Singh & Twalo, 2015).

Furthermore, the research may have far-reaching implications for firms, policymakers,
and marketers in terms of business strategies and effective policies. Findings emphasize the
importance of policies that aim to deter people from behaving unethically due to the negative
consequences to people’s attitude and emotional trust toward organizations or brands (Chuang,
2020; Kauffmann et al., 2019). Based on Study 2.2, strict policies can influence the ability to
justify unethical behavior. Meaning, when misbehavior is obvious and hard to justify, cheating
rates decrease, and there is no impact of dishonesty on negative subsequent judgments of the
target of the transgression. Lastly, firms can decide to shift part of their marketing resources to
creative efforts along the customer journey to minimize the possible downstream consequence

of dishonesty.

Lastly, the research suggests implications concerning consumer protection policies.
Since unethical behavior has significant consequences in terms of word of mouth, people
should be aware of possible biases that may influence their decision-making while considering
a product or interacting with organizations. Additional studies are needed to reveal potential
cues typical to online reviews following unethical behavior. Current studies explore possible
cues of fake reviews by competitors or owners of companies by detecting textual markers of
fakery or using detection algorithms (e.g., Barbado, Araque, & Iglesias, 2019; Mayzlin, Dover,
& Chevalier, 2014) but do not address the possibility of biased reviews following unethical
behavior. Revealing these cues will offer policymakers the possibility to monitor suspicious
word of mouth through text analysis or machine learning software or use other methods based
on this knowledge to protect the interests of customers, organizations, and entities that may be

harmed due to biased online reviews.
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Limitations and Future research directions

While the research suggests a distancing-based process as the underlying mechanism driving
people's tendency to harshly judge the victims, a better understanding of the distancing
mechanics is needed. It is unclear if people distance themselves to relieve ethical dissonance
(Shalvi et al., 2015), use a moral self-regulation disengagement to reframe the act or attribution
of blame to the victim (Bandura, 1999). In addition, while moral disengagement enables to
avoid threats to the moral self-image, it is also possible that using moral disengagement
strategies makes unethical behaviors personally acceptable (Shu, Gino, & Bazerman, 2011)
and consequently reduces the need to justify the action by harsh judgment of the victim.

In addition, future research may uncover moderating factors. For example, the guilt
account predicts that cheaters will rate the target of their transgression more favorably to
compensate them and repent for the actions (Gneezy, Imas, & Madarész, 2012; Shu & Gino,
2012). While 1 found no evidence in my studies for the guilt account, additional studies can
explore cases in which guilt moderate the subsequent judgment of the victim. Such cases can
be, for example, transgression toward small identified companies (e.g., local grocery shop,
café) versus large companies (Gino, Shu, & Bazerman, 2010; Wirtz and McColl-Kennedy
2010).

Another moderating factor can be individual differences in beliefs in a just world (BJW)
moderate the subsequent judgment of the victim. According to the just-world theory, people
need to believe the world is a predictable place where people get what they deserve (Lerner,
1980; Wilson & Darke, 2012). Thus, people with a high BJW may tend to judge the victim
more negatively because they may believe the victim is deserving of antisocial behavior in the
first place (Wenzel, Schindler, & Reinhard, 2017). In addition, | did not manipulate victim
characteristics. Social equity theory posits that people may be less likely to cheat and
subsequently negatively judge those who have treated them fairly (Adams, 1965). In a seminal
study, Greenberg (1990) found that employees who received a thorough and sensitive
explanation for a pay cut felt less inequality and stole less from their employer. Moreover, in
an experimental setting, Houser, Vetter, & Winter (2012) found that participants who felt they
were treated fairly as the allocation recipient in a dictator game were less likely to subsequently
cheat than those who felt they were treated unfairly. Future research may examine whether
organizations that generate goodwill and are perceived as more trustworthy are less subject to

individuals’ unethical acts and their downstream consequences.
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Lastly, future research may explore differences in reviews' linguistic cues and
customer-generated content after behaving ethically or unethically. Besides sentiments,
reviews can include different linguistic cues such as style, narrative, length, and even the use
of dispreferred markers (Chen & Yuan, 2020). These cues can impact the perceived credibility
and level of the review's persuasiveness (Moore & Lafreniere, 2020). Revealing possible
linguistic cues associated with unethical behavior can assist in identifying potential biased
online reviews. Importantly, it is unclear whether the time between the actual transgression and
the review can impact the sentiments expressed in it and the words being used to describe the
experience or product for better or worse. Evidence shows that immoral choices need to be

recent since unethical behavior tends to decay over time (Gneezy et al., 2012).
Conclusion

In conclusion, my research project has uncovered an unexplored consequence of unethical
behavior, that is, how people judge those they have cheated. Behaving unethically may result
in harsh judgment of the target of the transgression, presumably in an effort of people to
distance themselves from the act and restore their moral self-image. Subsequent judgments and
evaluations, whether in the form of rating, written reviews, recommendations, and online
content, may influence organizations' image and, consequently, other people's behavior. In
addition, the research suggests that the ability to justify unethical behavior serves as the
underlying mechanism of the phenomenon, making it possible to blame the victim only when
the misbehavior can be justified.

This research lays the foundation for future examination of a phenomenon that can
affect organizations and ultimately on us as consumers and citizens. Despite data on the extent
of unethical behavior in various settings, the damage to organizations due to subsequent
judgments of unethical people appears to be profound, affecting reputation, public trust, the
ability to provide good service, and implementing effective public policies. However, the lack
of studies on the possible outcomes of unethical behavior and ways to address them has led to
managerial and business strategies that did not consider these factors. Further understanding of
the mechanism that influences subsequent judgments, possible moderating factors of the effect,
and cues that enable to identify possible biased word-of-mouth that influence other people's
decisions and behaviors are essential to business and government organizations and can have

a significant effect on their performance, as well as on the welfare of individuals worldwide.
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MNAY 1D NP MAPN NN DAYV JANPN IN VYD DMWY TPAN ND NI NIMNNY DOWIR N
DMVY DN, YNV D109 DIVWYNN NN PYTNNY DIVYPNN DIVIN GUNRD IV T8N .NIUYNN DY DNIN
YN, 72295 .0»I01D DHY NN DNNY NIVN DMINK DY NHIN NNPIA YT DY NYYNNN DNNY PPNIND
YD AN YOV NN ONOY JANPN NX VIV DMYY NN KD NN NMNNY DIVIRY NINDN 1N

.DNYY MIDINN MINYN MIDTN NN OPYY

NY INNINN DY MIYIRD NYIWNN NN TN 210 PAND T YR D122 7Y P NNNYN N I NTIAYA
;12199 .0NYY DMONANR-RON DOWYNN DY NNIANPN DY NYT DMNINN) DOVNY DIVIN TN 1D — TPNN
NHNMNNN NN PITNND NOIDNND YWD NMNIN NYYN DY 12NPN VIVY NN IR OND TN DX
MININ MNPA22 DY MWITN DY NYAWN THPNN-ND NNNIND ORN NINA NN DT .TPNAN KON
2220 19012 MNI NYNNN 01NN NON DOWYNN DY 12ANPN DY IWPI NPNY DIRNPH MND) HN
-ND NN DOMINNY DIVIRY TI DY DIOYIANN DIRNNDNN .INPN 19IND 1) DOINON DIPHN N, MDY
T92) NWYNNN DNXY NX PININD T RN DI ,INY POV NN DNOY 12ANPN NN DOVNY NN
DYV DPPOYNN NN IVAYY DT 2P INSNIN NPIAPY PN MXXIND .ONYY ANMNNN NN PITSND
YOIVYY DMNNNY 172 ,NTIAYN DIPNI DNYY PN KON NNMINNA 1INV INND NP2PN TN NIINA
PPNV VPN, NMIT IDIND .ONDY DMIPYN DHN NMINITI 1IONY INKRD 1IN POV NIINI DN NV
NNON2 LGN .INY 1T ONY DI AN MDY J9INI NNIN TV ,NYTN MMIXPIDAN NNIY DXINNYN
NYPY NN NN 17NN IYURD 1 ANPN VIDY JY NYAVN NI TPNN-ND NNMNNVY INNRSND IPNHN
IUNIYWOINNYN ,9ID2Y .OPANT NN IR NS (Distancing) PN NN TOIN NT RO .APTIND
DNYY MINON MNPA22 INY NPDHY MUYINN KLY DYV DN ,NIDIN XY NN ONMNND DIVIN
MNP ;NN DY .TONNX NXON NNMNNN 1 2ANP DY IWP NN DIRNPH NN DX DXNPN9N I
YNRNYND DXRNPN NINDI NN VYN IN2 ITHY TR, NN NINTIN IDDPY DXANNYN >T> HY 1ANIIY

097199 ROV DXANNYN YT DY 1INV MNP0 NRNWNI 1NN

-N2 NNMINNA N TY APN) XOYW LN DWHNTH NIV NN TPNMIYAYI NPVINON NN N NTIYD
NDY DOWYNN 1ANP DY NIIYNN VIDWN DY TPNIN XD NNNINND YWY NYAWNN DX 1N IPNND TPNN
NDY DIND THINN-KD NNIIND DYNN IPNND ,NT 12102 .DNIN DI¥NXD 0IDTITI 1T NHMNNY M2X02
nYwN > Yy (word of mouth) HIND NON NNVPN DY DTN 79NN OINND DNN IPNHNN,HONL .INNIND
920 ,NN9) NN THNNR NI NNMNNIY NN .NYT NN DMNT INVIY JIDINRI MOVNY DY UTN D)
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DO1HIA NTIPNN IRNNDN .TPNIN NI 71712 RIMNNY DIVIN YT Y NN M MIMPH MNP NNy
VIV MDD N 19IND DNNINNT DOWIN DY 1MVIN HYA MVID NPNY NMMWYY DN MNPV 1o DY
DOV 7NN 12 DX NIMINA

NYOUN MYSUNN 9931 DPNYM NPITH OYP ,ONONIN DY MNIVN MOOWN ¥ 11 1YY 9002
NY DYVIN DY OOV DIDY HNPN NYTY DIN9D DIMNIRY INND .TPNN XD NMNMINND YWY MOVNNND
ToN ANSINDY,NIANN DY NPPOYN NMINXIND DY ,NDNN Y2 DNOY NTNN DY WAVUND Ny D100
30N DY HY DIOIVPND DY NNYD IN DOPMODIN DIMPY PIDY DXV DT DY DN DY
ND 17N IMNNYN DOWIN YNIND NNIVNRY NPPTH DY MDWYNN NN DOWNTH DINNIND L9002
,NDAD .NYI NP NPDOOY MNP MIIN NYND IMIYY NOPN NPITNI NVIPIY PPN ,NIDIN
MOOYN W IPAN KD NNNINNOY NN NN IND NI THIDT 1DI8T NN MYINN MOV Y810 9PNN0N
NYAP PONNI NPIVAR NPVLN 12DD DIVIND NN YTHD ¥ MIND-NYY NNVYPN DY 12102 NPMYHIYN
NVPPTHN OYAIP DY DAY .OMNIN DY DMIIVPNN IN XN NP DOPIY DAY I3 DNOY MVONNN
ND NPNMIND DY NPYIOVUN MXNIND DY DNNIND DY DIOIVPNN DY PND NNIVNY NPT NpYd
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